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ABSTRACT

In this study, the real-coded adaptive range multi-objective genetic algorithm code,
which represents the global multi-objective optimization algorithm, was developed for an
airfoil shape design. In order to achieve the better aerodynamic characteristics than
reference airfoil at landing and cruise conditions, maximum lift coefficient and lift-to-drag

ratio were chosen as object functions. Futhermore,

the PARSEC method reflecting

geometrical properties of airfoil was adopted to generate airfoil shapes. Finally, two airfoils,
which show better aerodynamic characteristics than a reference airfoil, were chosen. As a
result, maximum lift coefficient and lift-to-drag ratio were increased of 4.89% and 5.38%
for first candidate airfoil and 7.13% and 4.33% for second candidate airfoil.
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Table 1. Comparisons of maximum lift coefficient
and L/D ratio for airfoil shapes
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