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Abstract In order to develop an accurate analytical model for domestic electricity demand

forecasting,

we propose a prediction method of the electric power demand pattern by

combining SMO classification techniques and a dimension reduction conceptualized subspace

clustering techniques suitable for high-dimensional data cluster analysis.

In terms of

electricity demand pattern prediction, hourly electricity load patterns and the demographic and
geographic characteristics can be analyzed by integrating the wireless load monitoring data
as well as sub-regional unit of census information. There are composed of a total of 18
characteristics clusters in the prediction result for the sub-regional demand pattern by using
census information and power load of Seoul metropolitan area. The power demand pattern

prediction accuracy was approximately 85%.
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