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Abstract

In this paper, we propose a method to decide the additional edges in order to integrate two

communitites 4,B(A4l = |HB, || is the size of the set). The proposed algorithm uses a fitness function that
shows the property of a community and the fitness function is defined by the number of edges which exist

in the community and connect two nodes, one is in the community and the other is out of the community.
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The community has a strong property when the function has a large value. The proposed algorithm is a

kind of greedy method and when a node of B is merged to A4, the minimum number of additional edges

is decided to increase the fitness function value of A. After determining the number of additional edges,

we define the community connectivity measures using the node centrality to determine the edges locations.

The connections of the new edges are fixed to maximize the connectivity measure of the combined

community. The procedure is applied for all nodes in B to integrate 4 and B. The effectiveness of the

proposed algorithm is shown by solving the Zachary Karate Club network.
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