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3.1 Facebook Hive
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» B (subquery)
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(string function), €% ¥4 (date function),
XPath 4 (XPath function), AH&A} 2] &<

(user—defined function)
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3.3 Hortonworks Stinger
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The Stinger Initiative
Making Apache Hive 100x Faster

Base Optimizations Vector Query Engine Query Planner
Generate simplified DAGs
In-memory Hash Joins

Optimized for modern Intelligent Cost-Based
processor architectures. Optimizer

Deep Analytics Hive Service

Pre-warmed Containers
Low-latency dispatch

SQL Compatible Types
S0 Compatible Windowing
Meore SQL Subgueries

Buffer Caching Tax
Cache accessed data ExprefdiA proomsiny

Optimized for vector engine Sasics piers simply

Eliminate disk writes

ORCFile AR
Column Store
High Compression
Predicata / Filter Pushdowns

Next-gen Hadoop data
processing framework

J2! 4. Stinger Intiative At A Glance (&X:
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3.4 Teradata Aster's SQL-H
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Hadoop
MapReduce

HCatalog

\_ S

SQL-H interfaces with the Apache HCatalog to provide
a mechanism for users to directly access the data in
Hadoop from Aster Database

2! 5. Teradata Aster SQL-H Integration
with Hadoop Catalog (£X1: [7))

3.5 Hadapt
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