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Abstract

There are many types of advanced devices for weather prediction process such as weather radar, satellite, radiosonde, and
other weather observation devices. Among them, the weather radar is an essential device for weather forecasting because
the radar has many advantages like wide observation area, high spatial and time resolution, and so on. In order to analyze
the weather radar observation result, we should know the inside structure and data. Some non-precipitation echoes exist in—
side of the observed radar data. And these echoes affect decreased accuracy of weather forecasting. Therefore, this paper
suggests a method that could remove line-shaped non-precipitation echo from raw radar data. The line-shaped echoes are
distinguished from the raw radar data and extracted their own features. These extracted data pairs are used as learning data
for naive bayesian classifier. After the learning process, the constructed naive bayesian classifier is applied to real case that
includes not only line-shaped echo but also other precipitation echoes. From the experiments, we confirm that the conclusion
that suggested naive bayesian classifier could distinguish line-shaped echo effectively.
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