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Abstract

With the development of location aware technologies and mobile devices, location—based
services have been studied. To provide location-based services, many researchers proposed
methods for processing various query types with Mapreduce(MR). One of the proposed methods,
is a Reverse k—nearest neighbor(RKNN) query processing method with MR. However, the
existing methods spend too much cost to process the continuous RKNN query. In this paper, we
propose an efficient continuous RKNN query processing method with MR to resolve the
problems of the existing methods. The proposed method uses the 60-degree-pruning method.
The proposed method does not need to reprocess the query for continuous query processing
because the proposed method draws and monitors the monitoring area including the candidate
objects of a RKNN query. In order to show the superiority of the proposed method, we compare
it with the query processing performance of the existing method.
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