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Abstract

In this paper, we propose a new scheme for enhancing the computational SLAM overhead of intelligent
robots. The idea is to use the idle resource of Smart Phone as a SLAM processor. We designed a new
model for incorporating the smart phone with robot. According to the experimental results, we found that
the smart phone was very helpful for improving the SLAM performance and the gain from the smart phone

was increased as robot moves faster.
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Table 1. Algorithm SLAM by Utilizing Smart Phone

Algorithm : SLAM by Utilizing Smart Phone
Input : Sensing data
Output : Map, Robot pose information

BEGIN

1 . initialize variables in SLAM

2 . LOoP

3. Sensing in environment (Laser 181, Odometer R/L)
4 . CALL Statecheck(output is Lock(1) or UnLock(0))

5 . IF Statecheck output is 1

6 . CALL Communication(Send Sensing data)

7 . Smart Phone SLAM Task Orn/ Robot SLAM Task Off
8 . CALL Communication(Receive Map & Robot pose)
7 . ENDIF

©

. IF Statecheck output is 0

10. Robot SLAM Task run

11. ENDIF

12. UPDATE Map & Robot pose DB

13. CALL Navigation(Navigation and Robot move refer Map
& Robot pose DB)

14. ENDLOOP

END
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Bot CPU Intel Pentium M processor 1.5 GHz
ol
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CPU Intel Core™ i-5 CPU M430 @ 2.27 GHz
Up-bot
RAM 1GB
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