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Abstract

In this paper, we propose a sign language recognition system using SVM and depth camera. Especially,
we focus on the Korean sign language. For the sign language system, we suggest two methods, one in
hand feature extraction stage and the other in recognition stage. Hand features are consisted of the
number of fingers, finger length, radius of palm, and direction of the hand. To extract hand features, we
use Distance Transform and make hand skeleton. This method is more accurate than a traditional method

which uses contours. To recognize hand posture, we develop the decision tree with the hand features. For

ANAA A7V ewAAA AP

E
T

1Y 2014, 9. 19, A 2014, 9. 29, AAEgHL 2014, 10 28

* gAY stn vlgo]gt#(School of Media, Soongsil University)
KB A= A& Agdd A9l (SS110013)3 20139 % AR (g dzei)e] Aeor dxdFgde] AL

FPE 712479 Y (No.2013R1A1A2012012)

ul
&,

www.ksci.re.kr
http://dx.doi.org/10.9708/jksci.2014.19.11.063

o}



64 Journal of The Korea Society of Computer and Information November 2014

more accuracy, we use SVM to determine the threshold value in the decision tree. In the experimental

results, we show that the suggested method is more accurate and faster when extracting hand features a

recognizing hand postures.
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