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Abstract In Korea, despite the increase in demand for Bigdata manpower, institutions and universities to
educate and train Bigdata manpower are not yet much. Therefore, this study investigated the status regarding
the recognition on Bigdata of universities students and presented a direction for educating Bigdata manpower at
the university. In order to accomplish this purpose, this study surveyed and analyzed the students' understanding
of Bigdata, the awareness of the students about the social impact of Bigdata, the learning intention of the
students on Bigdata and presented Implications for Bigdata workforce development. As a result, despite of the
somewhat difference in understanding for the Bigdata, it was found that their awareness about the impact of
Bigdata is very positive. And this study showed the need of universities' and government' political effort for
Bigdata workforce development, because it was investigated that students' intentions of learning for Bigdata is
proportional to students' understanding levels and learning experience for Bigdata.
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(Table 1) Bigdata education and training status
in Korea universities!)

Classification |Counts Institutions Note
Kyung Hee Univ.,, DaegulE x ¢ 1 ud e d
Haany Univ, Sunmoonjuniversities
Undergraduat . . .
o courses 5 Umv., Sungkyunkwan opening one or
Univ., Chungbuk National|more courses
Univ. curriculums
Korea Univ., Dankook
Univ., Seoul Graduate|Generally opened
Graduate School of Science and|at Special graduate
courses 9 ‘Technology, Sookmyung|school, focused
(Master's ‘Womens Univ., Yonsei|graduate  school,
degree) Univ., Chungbuk NationallC o n t r a ¢ t
Univ., Hanyang Univ. |department, etc.
UNIST
Gachon  Univ.,, Konkuk
Univ., Korea Univ.,
Graduate Kookmin  Univ.,, Pusan
courses 1 National Univ., Sogang|Generally opened
(Master’s Do Univ., Soonfsil Univ.|at graduate school
ctor's degree) Ewha Womans Univ.,
Chungbuk National Univ.,
KAIST, UST
. Hnayang Cyber Univ.,
Nocn dicgarizm 2 Datg Institgte of Seoul
National Unive.

(Table 2) Bigdata education and training status
in Korea non—-universities"

(assification |Counts Institutions Note

KODB, K-ICT Bigdata

Curriculum Center, Seoul Metropolitan

lfstligjli 4 City, B;G*FI Bureau  of|
Gyeonggi Content Agency
THE Society of Digital
Policy & Management, Korea
Bigdata Society, KASOM,
Data Analytics School, Acorn|
Academy, HBI Tech Lab.,|- Opened Basic
UBION, Hankyung Academy,|course, Specialized
Hanbit Education Center,|course, Corse of]
Data EDU, XILAB, ITWill,|Bigdata analytics
Curriculum Maso Campus, HP, KCB,|qualification for|
of private | 30 |[KOREA SW Manpower Org.|business, etc
institutions SAS Korea NICE, Samsung|—- Opened
Multi Campus, Oracle Javaljgovernment
Education Center, ETNEWS |support  training
2E Consulting, Korea EMC,|courses for|
IBM Korea, Korealemployment
Association of RFID/USN
Convergence, Korea RadioO
Promotion Association, SIST,
MDS Academy
) o] A 42 ofgt o] ofuiet Tl 713k Eulo]
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HeolEl o] Sk dvel] tigh ok Q14§41 2 (Table 4) Results of examination of significant
o7} 9 Ao|tk differences in understanding of
Bigdata among students' major
— sum of mean .
3.2 HE2 AXHn Xtz +F squares df square F 58
H o= 7}@ @xg% _CH :5]] /gv‘}}_/\}g— /\EU\] 3]-9}[ o (combined) 13587 3 | 4529 | 3.831 | .010
- - - e between | . unweighted| 858 1| 88 | .726 | 3%
o, SR S RS FOARAANS 25 AR g | I Ceighied | 08 | 1| 988 | 802 | 311
1—41—:;]. ‘7%—_0] x]_w]:_(gr:% ;ﬂ_%)g}% mz‘z}xgo]gj\p_tqy }_/\]_ deviation | 12.639 2 | 6320 | 5346 | .005
4R 1 =3 Q) HE o] 7)o o= =) within-group 481.118 | 407 | 1.182
2 ojuUz} A3t e o o]FojHom ZAld S
4717 S F ATt fad 41199 24 A9E 1 A7

o

AR &gk SHEAY ATEAA 54

r

Rt |

A3}, Fake 3831011, o]of] digk o=+ 0.010
ot} o]& folgE 0.05RTH 7] Wi 7 1(EA
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O
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(Table 3) Demographic characterls'tlcs of the 714 2 skale] sl ulEo|El9] o]dE Ho] AAL
respondents (unit : persons, %) ) )
Qg B4 AxtE Azlshd, <Table 5>9F 2t
characteristics cases %
total 411 100.0
cultural sciences 19 46 (Table 5) Results of examination of significant
major social_science 239 703 differences in understanding of
natural science 8 214 Bigdata among students' grade
science and engineering 15 36
freshman 90 219 sum of mean .
df F sig.
ad sophomore 7 187 squares square
812 lihird grade 158 334 (combined) | 35653 | 3 | 11.884 | 10537 | .000
fourth grade 86 209 between i unweighted| 32.642 1 32.642 | 28941 | .000
~groups ;Zif weighted | 34346 | 1 | 34346 | 30.451 | 000
deviation | 1.307 2 654 | 579 | 561
within-group 459.053 | 407 | 1.128
_ total 494706 | 410
4, 2EMZAD 3 A
41 EAX ENZF RI0| BM w4 A3k, Fa 10537019, ofdll tdt fol=e
¥ oAvE B s A4 5 wdelee) o 00000k oI elehE 00ome A7) wiEe] 7 2
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Apol7t & Alolth= A=)
71 3 sHA)e] 3 mld|olE] 9] Abs] A deel| oigk
1A Aol AAE Qe B4 AAE A28, <Table
6>3 2t}

m

(Table 6) Results of examination of significant
differences in the awareness about
the social impact of Bigdata among
students' majors

sum of mean

df F sig.

squares square
(combined) 1994 | 3 | 665 | 912 | 4%
between | .. unweighted| 494 1 494 | 678 | 411
~groups lgj weighted | 654 | 1 | 654 | 898 | 344
deviation | 1340 | 2 | 670 | 919 | .400

within-group 295.062 | 405 | 729
total 297.056 | 408

w4 A3} Fak2 0912011, ofell tigh f-2] == 0435

ot} ol {o&E 0.06HL; 7] wie] 7 3(3H
of 3| Mol upz} Wo]e] o] AL A Ffof tigk <
22 oAl Aol7t 9hg Alolthw 7]7hH

71 4 A9 Bldlo]g ] o]sf Aol wE ] uo]H
of AR3|H g gfof gk <14 Apo] AFE flek 4 A
2 Agshd, <Table 7> 2tk

(Table 7) Results of examination of significant
differences in the awareness about
the social impact of Bigdata among

5 shge] wlelelElol o 3t ol (gl Sirh
uelo]elo] Abel A gl Tig <14 Aol 1%
81, <Table 8>3 #t}

(Table 8) Results of examination of significant
differences in the awareness about
the social impact of Bigdata between
learning students for Bigdata and not

Levene’s Equal T-test on the Identity of
Variance Test Average
loss experience Significa Significanc
F nce t ]:I):ergez);f e Level
Level (2-sided)
—
Baual Variance | 711y | g0 | 9658 | 345 008
assumption
Heteroscedastic 3503 971 001
assumption o ’
S A AT P=0.008 < a=0.050 ©]aL tFk 3523 A}

= 7597114 P=0.001 < a=0.050 o]=.2 7} 5(-A
of wielelelol] tha S o] (gt Arhel wet w)
olElel A8 gl Tl A4 el M2 Aol7t 9l
& Zelthe Agg,

71 6 gAY did Aol upE wldoleo] th3t &
ol Aol AAL $IF B4 AE Aushd, <Table
9>9} 2t}

(Table 9) Results of examination of significant
differences in the learning intention
on Bigdata among students' major

students' understanding levels for sum of | fmean | [
the Bigdata sauares | |square
(combined) 8.181 3 | 2727 | 2644 | .049
sum of daf mean F sig. between linear unweighted| .184 1| .18 | 179 | 673
squares square —-groups term weighted 110 1| 110 | 106 | .744
(combined) 47971 | 2 | 23985 | 39.095 | .000 deviation | 8071 2 14036 | 3913 | 021
between linear unweighted | 26999 | 1 | 26.999 | 44.007 | .000 within-group 419.780 | 407 | 1.031
“groups | weighted | 44971 | 1 | 44971 | 73.301 | .000 total 427961 | 410
deviation | 3000 | 1 | 3.000 | 4890 | .028
within-group 249.085 | 406 | 614
total 297.056 | 408 X Ay} F2 2644019, oo th3l #-9) %=+ 0.049

B4 A%, FRte 300950]H, ol e folmt
000001}, o]= #<]8H8 005} #7] W] 714 4
(she] Blejo]Elo] o]a] Aol wel vldolele] A3

A gl tig A4 e Fel5el

R

Ael7k €& Alelrhi=

ojt}. o= frefgHE 0.06xRT 27] wjEel 7Hd 6(3HY
o) s dgol weh BlEjoleel] thet Shaefde #o
QL zpol7h e AolthE e,

7Hd 7 58 e] Hjglolel o] ol Aol whE HdolH
of 3k k7ol d Abo] HAS AT 4 2dE Aest
H, <Table 10>%} Zt}.
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(Table 10) Results of examination of significant
differences in the learning intention

on Bigdata among  students'
understanding levels for the Bigdata
sum of af mean F sig.

squares square
(combined) 129.083 | 2 | 64.542 | 88.106 | .000
between finear unweighted | 80.483 1 | 80483 [109.868| .000
“groups | weighted | 124557 | 1 |124.557(170.033| .000
deviation | 4526 | 1 | 452 | 6179 | .013

within-group 208878 | 408 | 733

total 427961 | 410

L

A AT Pk 8810601, oldl it fo=E
0.0000]t}. o] fFo8E 005Kt 2] wlFo| 7HAd 7
(3HA3e] BldolEl 9] o]l o] weh HlHo]Ho] gk
o ae ToARl Atol7t AE Aolthe Ae et

74 8 9] HldlolHel of
diolejel] tigk k5ol 3f Ajo] A
Ae)atd, <Table 11>3} 2t}

(Table 11) Results of examination of significant
differences in the learning intention
on Bigdata between learning
students for Bigdata and not

T-test on the Identity of
Average

Levene’s Equal

Variance Test
Significa
nce t
Level

Significanc
e Level
(2-sided)

.000

loss experience
e Degree of

F Freedom

Equal Variance
assumption
Heteroscedastic
assumption

2372 | 124 4.844 347

5.565 64.554 .000

& 3 of ol whet HelolE e digh 3
ztol7} o1& Aot A g Hrt.
ghA)e] &l Aol wh2 HldolE] ] TFai
12 zto] AAE A% 24 AHE A
3}, <Table 12>} 2t}

A} Fgk2 7601019, ool tigh o=+ 0.004
frolgtE O.OSED} ZL7] UH—EP o 7Hd 9(5“@

S|
A

Freldal Aol %% olene e,
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(Table 12) Results of examination of significant
differences in the awareness about
the importance of learning elements
for Bigdata among students' major

sum of 4 | mean F sig.

squares square
(combined) 35138 | 3 [ 11.713 | 4601 | .004
between linear unweighted | 7.018 1 | 7018 | 2757 | .098
—groups term weighted 7513 1 | 7513 | 2952 | 087
deviation | 27624 | 2 | 13812 | 5426 | .005

within-group 1030.887 | 405 | 2.545

total 1066.024 | 408
7h4 10 sHe] HelelE o) ols) el me bl

B 9] kg ol ik F8% Q14 Ao AAES f% &
A AE Aylsbd, <Table 13>3 2t}
(Table 13) Results of examination of significant

differences in the awareness about
the importance of learning elements

for Bigdata among students'
understanding levels for the Bigdata
sum of dt mean F sig.
squares square
(combined) 35460 | 2]17.730 | 6985 | .001
between linear unweighted| 30.188 | 1 30.183 | 11.893 | .001
“growps| weighted | 35.260 1| 35260 | 13.891 | .000
deviation | .200 1] 200 | 079 [ .79
within-group 1030.565| 406 2.538
total 1066.024| 408
4] A3 Fak2 6.98501™, ool thgh #2] %=+ 0.001

TFQ’] ;ﬁ{% 005.‘5'_1:}‘ 3}7] UH%O]] 7]_}\4 10(3]_}\3
[e) TS‘H X—]Eoﬂ TI«]*E]— B][ﬂo]]ﬂﬂ 6]')\0/&0“

JERR S by
#9591 Ao)7} 9 Aelehe A

o]t} o]&=
o] jejolele]

o] ol w}

Aol AAE

7H 11 shg ] HgloEfel o
dlolg e} shF 8ol e T85k Qla

gk 24 A3t Agelehd, <Table 14>¢} 2t

W ol%
l

(Table 14) Results of examination of significant
differences in the awareness about
the importance of learning elements
for Bigdata between learning
students for Bigdata and not

Levene’s Equal T-test on the Identity of
Variance Test Average
loss experience Significan Brsicn of Significanc
F ce Level t Freedom | LEoic
(2-sided)
Baual Variance | ) oa) | 099 9055|346 041
assumption
Heterosce@astlc 19701 56306 054
assumption
25-33
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=]
o

A AR AT P=0.299 > a=0.050 ©]aL tgk 2.055 A
I 34604 P=0.041 < a=0.050 o]=2 7} 11(3HA <]
Elof| i3t sh5 o Fof| uhg} BlujolE 9] Sy as

(Table 15) Results of test of the hypotheses

Division

Contents

Results

Hypoth
esis 1

There would be significant differences in
understanding of Bigdata among students’
major.

Accept

Hypoth
esis 2

There would be significant differences in
understanding of Bigdata among students’
grade.

Accept

Hypoth
esis 3

There would be significant differences in the
awareness about the social impact of Bigdata
among students’ majors.

Hypoth
esis 4

There would be significant differences in the
awareness about the social impact of Bigdata
among students’ understanding levels for the
Bigdata.

Reject

Hypoth
esis 5

There would be significant differences in the
awareness about the social impact of Bigdata
between learning students for Bigdata and not.

Accept

Hypoth
esis 6

There would be significant differences in the
learning intention on Bigdata among students’
major.

Accept

Hypoth
esis 7

There would be significant differences in the
learning intention on Bigdata among students’
understanding levels for the Bigdata.

Accept

Hypoth
esis 8

There would be significant differences in the
learning intention on Bigdata between learning
students for Bigdata and not.

Accept

Hypoth
esis 9

There would be significant differences in the
awareness about the importance of learning
elements for Bigdata among students’ major.

Accept

Hypoth
esis 10

There would be significant differences in the
awareness about the importance of learning
elements for Bigdata among students’
understanding levels for the Bigdata.

Accept

Hypoth
esis 11

There would be significant differences in the
awareness about the importance of learning
elements for Bigdata between learning
students for Bigdata and not.

Accept
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