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A Design of SNS Emotional Information Analysis Strategy

based on Opinion Mining
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Abstract The opinion mining technique which analogize significant information from SNS message is
increasingly important because opinions communicated through SNS are increasing. This paper propose
SEIAS(SNS Emotional Information Analysis Strategy) based on opinion mining that analogize emotional
information from SNS setting a different weight according to position of antonym and adverb. Firstly, the
proposed SEIAS constructs a emotion dictionary for opinion mining analysis, Secondly, it collects SNS data
on real time, compare it with emotion dictionary and calculates opinion value of SNS data. Specially, it
increases the precision of opinion analysis result compared to the existing SO-PMI because it sets up the
different value according to the position of antonym and adverb when it calculates the opinion value of data.

Key Words : emotional information analysis strategy, opinion mining, antonym, adverb, different weight,
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Table 1. Word dictionary structure
(a) Lgrcto] At
(a) normal word dictionary

Field name Description

no index number

classification Classify

word word

status positive, negative, neutrality
frequency frequency

(b) EHECTo] A
(b) implication word dictionary

Field name Description

no Index number

word Word

meaning Meaning according to position
frequency frequency
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Table 2. Positive/Negative vocabulary(Food)

Type Positive Negative
) cheap expensive
price - -
suitable unsuitable
delicious(good) bad
taste
salty bland

smell good bad
) many(much) few
quantity - -
suitable unsuitable
satisfy dissatisfy
quality good bad
do not
recommend
recommend
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Table 3. Extracted special nouns(Top 5)

Number Special nouns
1 Daegeumgul Cave
2 Haesindang Park
3 Railbike
4 Sea
5 Makguksu
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CASE 3) HALE Xdsta & 3%
Test 1 : FAMH+ZA TS
Test 2 : FA+H-A Ghof
Test 3 @ FAM+ZFA T+ A o]
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Table 4. The result of emotion analysis(sample)

ase Case 1 Case 2 Case3
Testl | Test2 | Test1 | Test2 | Test1 | Test2
positive 1 0 1 1 1 0
negative 0 1 1 1 0 1
antonym 0 0 1 1 0 0
adverb. 0 0 0 0 1 1
SO-PMI | 1(S) | -1(S) | OF) | OF) | 1(S) | -1(S)
SEIAS 1(8) | -1(8) | 208) | -2(8) | 3(S) | -3(S)
Case Case3 Cased
Test3 | Test4 | Test1 | Test2
positive 1 1 1 1
negative 1 1 1 1
antonym 0 0 1 1
adverb. 1 1 1 1
SO-PMI OF) | oF) | O(F | O(F)
SEIAS 3(8) | -3(8) | 1(S) | -1(S)
*S:Success, F:Fail
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