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Object Detection and Tracking with Infrared Videos at Night-time
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ABSTRACT

In this paper, it is proposed to detect and track pedestrian and analyse tracking performance with nighttime CCTV video. The
detection is performed by a cascade classifier with Haar-like feature trained with Adaboost algorithm. Tracking pedestrian is
performed by a particle filter. As results of experiments, it is introduced that efficient number of particles and the distributions are
applied to track pedestrian at the night-time. Performance of detection and tracking is verified with nighttime CCTV video that is
obtained at alleys etc.
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Fig. 2 Flow chart of object detection and tracking
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Table 1. Detection rates of various places
Location Number of Detection
frame frame

Alley(near) 1,970 368

Alley(far) 2,299 250

Playground(near) 3,004 531

Playground(far) 1,738 305

Local facilities(near) 2,100 431

Cultural properties(near) 2,358 524

Cultural properties(far) 2,547 101
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Fig. 6 Result of object tracking
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