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Abstract

Since bitmap indices are useful for OLAP queries over low-cardinality data columns, they are

Keywords :

frequently used in data warehouses. In many data warehouse applications, the domain of a column
tends to be hierarchical, such as categorical data and geographical data. When the domain of a
column is hierarchical, hierarchical bitmap index is able to significantly improve the performance of
queries with conditions on that column. This strategy, however, has a limitation in that when a
large scale hierarchy is used, building a bimamp for each distinct node leads to a large space
overhead. Thus, in this paper, we introduce the way to build hierarchical bitmap index on an
attribute whose domain is organized into a large-scale hierarchy in space-constrained environments.
Especially, in order to figure out space overhead of hierarchical bitmap indices, we propose the
cut-selection strategy which divides the entire hierarchy into two exclusive regions.
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(Figure 2) A hierarchical bitmap index built
for the column hierarchy in Figure 1
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(Figure 4) Algorithm for
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