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An Intelligent Fire Leaning and Detection System

Kyungjoo CheoiT

ABSTRACT

In this paper, we propose intelligent fire learning and detection system using hybrid visual attention

mechanism of human. Proposed fire learning system generates leaned data by learning process of fire
and smoke images. The features used as learning feature are selected among many features which are
extracted based on bottom-up visual attention mechanism of human, and these features are modified
as learned data by calculating average and standard variation of them. Proposed fire detection system
uses learned data which is generated in fire learning system and features of input image to detect fire.
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Fig. 1. Overall Process of the system,
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Fig. 4. Extracted fire candidate region (a) using no fire motion feature (b) using fire motion feature,
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(b)

Fig. 6. Training images used in learning process. (a) flame images (b) smoke images.
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