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Abstract In this paper, we have experimented to improve the verification performance of speaker change
detection on broadcast news. It is to enhance the input noisy speech and to apply the KL distance D), using
the SNR-based weighting function w,,. The basic experimental system is the verification system of speaker
change using GMM-UBM based KL distance D(Experiment 0). Experiment 1 applies the input noisy speech
enhancement using MMSE Log-STSA. Experiment 2 applies the new KL distance D, to the system of
Experiment 1. Experiments were conducted under the condition of 0% MDR in order to prevent missing
information of speaker change. The FAR of Experiment 0 was 71.5%. The FAR of Experiment 1 was 67.3%,
which was 4.2% higher than that of Experiment 0. The FAR of experiment 2 was 60.7%, which was 10.8%
higher than that of experiment 0.
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Table 2, Experiment result of the KL distance D based

verification of SCP using Speech
Enhancement by MMSE log—STSA.
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After 0.024 0 67.3
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