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Abstract Due to the success of Wealthfront, Betterment, etc., there is a growing interest in
RoboAdvisor that is an automated asset allocation methodology globally. RoboAdvisor
minimizes human involvement in managing assets, thereby reducing the costs of using services
and eliminating human psychological factors. In this paper, we developed a predictive model for
the KOSPI 200 Futures Index using deep learning, in order to replace the existing technical
analysis technique. And the proposed model confirmed that When the KOSPI 200 Gift Index is
small, it can be used to predict direction and price of index. In combination with the existing
technical analysis, It is confirmed that the proposed models combining with existing technical

analyses and can be applied to the RoboAdvisor Service in the future.
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Table 1 top 5 test by RMSE

Term Train_rate Average RMSE
500 0.7 0.006463
600 0.7 0.007162
400 0.7 0.007217
800 0.6 0.007428
900 0.6 0.007554
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Table 2 top 5 test by Winrate

Term Train_rate Average Winrate
900 0.7 0.006463
600 0.7 0.007162
400 0.7 0.007217
800 0.6 0.007428
900 0.6 0.007554
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Fig. 4 chart of Table 2
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Table 3 top 5 test by return
Term Train_rate Average mean
return

800 0.9 0.543859

400 0.8 0.511233

1000 0.9 0.500202

600 0.9 0.484512

400 0.9 0.476794
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