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Abstract In this paper, we try to search and reproduce the image part of a specific cast from a large number
of images. The conventional method must manually set the offset value when searching for a scene or viewing
a corner. However, in this paper, the proposed method learns the main character 's face, then finds the main
character in the image recognition and moves to the scene where the main character appears to reproduce the
image. Data for specific performers is extracted and collected using crawl techniques. Based on the collected
data, we learn using convolutional neural network algorithm and perform performance evaluation using it. The
performance evaluation measures the accuracy by extracting and judging a specific performer learned in the
extracted key frame while playing the drama. The performance confirmation of how quickly and accurately
the learned scene is searched has obtained about 93% accuracy. Based on the derived performance, it is

applied to the image service such as viewing, searching for person and detailed information retrieval per corner
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Fig. 3. Haar—like features(a), Adaboost model(b)
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