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ABSTRACT

An compressor that is combined with the rotor and pneumatic technology has been researching for

the performance of pressure. However, the control of operations, an accurate diagnosis and the main-

tenance of compressor system are limited though the simple structure of compressor and compression

are advantaged to reduce the energy. In this paper, the characteristic of the compressor operating un-

der the normal or abnormal condition is realized. and the efficient diagnosis method is proposed

through feature based analysis. Also, by using the GA (genetic algorithm) and SVM (support vector

machine) of machine learning, the performance of feature analysis is conducted. Different misalign-

ment mode of learning data for compressor is evaluated using the fault simulator. Therefore, feature

based analysis is conducted considering misalignment mode of the compressor and the possibility of

a diagnosis of misalignment is evaluated.
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(b) Angular misalignment

Fig. 1 Misalignment test rotor-kit system

Table 1 Specifications of vibration analyzer

Analyzer | Maker Vibration measurement condition
* Unit : mm/s
* Signal detection : rms
* Measurement range : 10 Hz~ 10 kHz
* Unit : mm/s
I;ISJéOSéE B&K |+ Signal detection : p(0-peak)
* No. of lines : 6400
* Window type : Hanning
* No. of averaging : 7
* Average types : Frequency domain
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Fig.2 Structure of compressor(M : motor, G:
erator, C: compressor)
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