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Abstract With the increasing number of health consumers aiming for a happy quality of life, the 020 medical
marketing market is activated by choosing reliable health care facilities and receiving high quality medical services
based on the medical information distributed on web's blog. Because unstructured text data used on the Internet,
mobile, and social networks directly or indirectly reflects authors' interests, preferences, and expectations in addition
to their expertise, it is difficult to guarantee credibility of medical information. In this study, we propose a blog
reading system that provides users with a higher quality medical information service by classifying medical
information blogs (medical blog, ad blog) using bigdata and MLP processing. We collect and analyze many domestic
medical information blogs on the Internet based on the proposed big data and machine learning technology, and
develop a personalized health information recommendation system for each disease. It is expected that the user will
be able to maintain his / her health condition by continuously checking his / her health problems and taking the most
appropriate measures.

Keywords : Medical blog, Big data, Machine learning, Blog reading system, Medical information blogs
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Table 1. Collection/processing/analysis of a blog
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processing Storage of data - MongoDB-based information storage
- Natural language processing
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Table 2. Parameters for determining blog type

Classification Parameter Criteria Analysis method
Number of words in the body of the blog Similarity
Frequency of use of certain medicines, health foods and S
Similarity
beverages
Detection of ad blogs Use of sensational words and simple exclamations Similarity
Correspondence between the subject and the text Similarity TFIDF, Bayesian, MLP
o . Positive/
Positive, negative pattern overuse .
negative
Detection of use of medical terminology by disease Similarity
Detection of medical blogs ; ; .
Detection of disease-related symptoms Similarity
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Table 3. Parameter in the MLP

Parameter Set Value

Input size 512

Hidden layer 5

Activation(Hidden layer) ReLU

Activation(Output layer) Softmax

Dropout Rate 0.5

Learning Rate 0.001

Loss rate CEE

Learning method Backpropagation
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Table 4. Medical dictionary by disease

Dl\i/ifidoirj:lry Disease related medical word
Diabetes blood sugar, insulin, hyperglycemia
]l;lrifs];];rle(md hypertension, diastole, atherosclerosis
Obesity Overweight, body/abdominal obesity
Hyperlipidemia dyslipidemia, cholesterol, High bleeding
Atherosclerosis heart disease, cerebrovascular discase
Angina pectoris heart disease, ischemia, cardiomyopathy
Stroke paralysis, ischemia, ischemic attack

Lung disease

pneumonia, pulmonary tuberculosis, asthma

Liver disease

sarcoidosis, fatty liver, liver cancer

Gastric disease

gastritis, gastric ulcer, gastric cancer

Joint disease

joints, arthritis, degenerative, rheumatic

Osteoporosis skeletal system, fracture, bone density
thyroid thyroid cancer, thyroiditis

headache migraine, tension headache, temporal arteritis
Rhinitis sinusitis, sinusitis, sore throat

Urinary disease

urinary incontinence, prostate, prostatitis

Heart disease

cardiovascular, cardiovascular, arthythmia

Eye diseases

conjunctivitis, cataract, glaucoma

Skin disease

dermatology, atopy, atopic dermatitis

Depression

depressive disorder, sleep depression

Stress

adaptive disorder, anxiety disorder

Gastric cancer

gastric cancer, lymph node, gastroscopy

Colon cancer

colon, colon polyps, colitis

Liver cancer

cirrhosis, liver cirrhosis, jaundice

Lung cancer

malignant tumor, tumor, chemotherapy
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Table 5. Test items and performance objectives

Test item performance objectives
Detection of ad blogs More than 80%
Detection of medical blogs More than 90%

Accuracy of Big Data Classification by More than 90%
]

Disease
MongoDBell #1738 52719 75 Fsto] #al &

22 By B2 FoA A Fu B217) 80%

Hep AA sRae] FAZE QA s 77F 90% o

7Fsatl skdleh 5 28 AR AR 9 33 AP 55
AUsHA FEska, Halggd o224 CNN(Convolution
Neural Network)¥} RNN(Recurrent Neural Network)S-
A8 A7 dasith
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