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Abstract This paper is based on a simple approach that the most efficient learning of a multi-layered network is
the process of finding the optimal set of weight vectors. To overcome the disadvantages of general learning
problems, the proposed model uses a combination of features of EBP and OVSSA. In other words, the proposed
method can construct a single model by taking advantage of each algorithm so that it can escape to the probability
theory of OVSSA in order to reinforce the property that EBP falls into local minimum value. In the proposed
algorithm, methods for reducing errors in EBP are used as energy functions and the energy is minimized to OVSSA.
A simple experimental result confirms that two algorithms with different properties can be combined.
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Table 1. The results of proposed system

Class Male Female Children C?;?Ct

Male 2% 3 0 %74
Female 4 173 o4 86,07
Children 0 29 a1 7364

Table 2. The results of SAS

Class Male Female Children C{()g/i?d

Male 234 4 0 93.32

Female 6 166 29 82.59

Children 0 21 89 80.91
5. 4%

2 =EoA = A7k OVSSASH EBPO 43< 2
a7 A LneFe avfeln A9 Ase wsc
o] uE|HE Bl AEE A Wola gow
AT HES Bol 7HA L vk AA A=A71 EBPo
2o Sg A reo] gtz o] glo]
of shaL, B3} ol M ] M 7k E 7)ol Slojof
k7] wiiell A AEA e sty 2l szttt 1]
= otk A Sk dargEe] A A A H
@E}Oko}% 7)4\01 HE= %L& 3% S ol 2 A

N 2RE ATete B AFAE] oy 71X
S&EA 55 HAst] Sl EAlntrke] Zbzke] mels
st ot BE Al 288 e dntstd &
n2FE op JPEE AL QA etk ol AA Al A
she B ARl A7 idd B RS Ho

ety wiolth waks ols RAES X A

( _ll'U:

REFERENCES

[1] D. E. Rumelhart, G. E. Hinton & R. J. Williams (1986),
Learning internal representations by error propagation,
PDP, I, 318-362.

[21 P. D. Wasserman. (1990), A combined back- propagation
/ cauchy machine network, Journal of Neural Network
Computing, 34-40.

[3] Y. LeCun, Y. Bengio & G. Hinton. (2015, May) ,Deep
learning, Nature, 521, 436-444.

[4] G. Hinton & R. Salakhutdinov. (2006, July) Reducing the
dimensionality of data with neural networks, Scrence,
313

[5] V. Nair & G. E. Hinton. (2010), Rectified linear units

improve restricted boltzmann machines, International



18  =g3etsl=wA] A9A A2

6]

[7

(8

9l

[10]

[12]

[13]

[14]

[15]

Conterence on Machine Learning.

M. Ranzato, & M. Szummer. (2008), Semi- supervised
learning of compact document representations with deep
International ~ Conference on Machine
Learning, 792-799.

J. Schmidhuber. (2015), Deep learning in neural networks
: An overview, Neural networks, 1-88.

JCLee & WD.Lee. (1994), Pattern classification model
based on an optimization tool, /nfernational conference
on Neural Information Processing, 1744-1748.

H. Jeong. (1988, Oct), Learning scheme for neural
networks by simulated annealing with back-propagation,

networks.

Workshop for Information Science society, Korean
Federation Science and Téchnology Societies, 15-20.
N. Baba & M. Kozaki. (1992, June), An intelligent
forecasting system of stock price using neural networks,
IJCNN, I, 3711-371.

KLee, K.Cho, W.Lee & SLee. (1992, June), Mean field
annealing with continuous variables and its application
to the quantification analysis Problem, [JCNN, II,
431-435.

MKim, HChoi & WDIee. (1992, June),
clustering using extended MFA for continuous valued
state space, IJCNN, /7, 733-738.

G. Wang & N. Ansari. (1997), Optimal broadcast

scheduling in packet radio networks using mean field

Fuzzy

annealing, [EEE Journal on selected areas in
communications, 15(2).

G.D. Kim & Y. H Kim. (2017), A survey on oil spill and
weather forecast using machine learning based on neural
networks and statistical methods, Journal of the Korea
Convergence Society, 8(10), 1-8.

YD.Yun, Y.W.Yang, HSJi & HSLim. (2017),
Development of smart senior classification model based
on activity profile using machine learning method,

Journal of the Korea Convergence Society, 8(1), 25-34.

ZF(Jong Chan Lee)

- 1988 29

F 1990 29 -
(494D

- 1996 29 -

(3pAD

* E-Mail : jclee@chungwoon.ac.kr

« 19969 3Y ~ dAA : Hoisha





