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ABSTRACT

There is a case where the core content of another person’s work is decorated as though it is his
own thoughts by changing own thoughts without showing the source. Plagiarism test of copyKkiller free
service used in plagiarism check is performed by comparing plagiarism more than 6th word. However,
it is not enough to judge it as a plagiarism with a six — word match if it is replaced with a similar
word. Therefore, in this paper, we construct word clusters by using DBSCAN algorithm, find synonyms,
convert the words in the clusters into representative synonyms, and construct L-R tables through L-R
parsing. We then propose a method for determining the similarity of documents by applying weights
to the thesaurus and weights for each paragraph of the thesis.
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Table 1. Example of vector value extraction by paragraph
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Fig. 5. Example of DBSCAN Clustering (Weighting by Paragraph).
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Table 3. Sentence similarity evaluation of the docu—
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Table 4, Noun score weighted similarity value
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Table 5. Examples of similar sentences
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Table 6. Comparison of similarity measure

Analysis
Document
LSA method LSA + N-gram method Suggested method
Document similarity 159 % 311 % 294 %
Precision 58.7 % 83.9 % 941 %
Recall 482 % 9.7 % 916 %
F-Measure 0.52934 0.89412 0.92833
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