Journal of Korea Game Society 2018 Oct; 18(5): 59-66
http://dx.doi.org/10.7583/JKGS.2018.18.5.59,

I Ay azxs

DAY ML =5 o] flet 7EESXIS] BTt

SorySostisty ASEUYSIE

ywshin@dima.ac.kr

Evaluation of weights to get the best move
in the Gonu game
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ABSTRACT

In this paper, one of the traditional game, Gonu game, is implemented and
experimented. The Minimax algorithm was applied as a technique to implement the Gonu
game. We proposed an evaluation function to implement game in Minimax algorithm. We
analyze the efficiency of algorithm for alpha beta pruning to improve the performance
after implementation of Gonu game. Weights were analyzed for optimal analysis that
affected the win or loss of the game. For the weighting analysis, a competition of
human and computer was performed. We also experimented with computer and computer.
As a result, we proposed a weighting value for optimal attack and defense.
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[Fig. 1] Minimax algorithm
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[Table 1] Comparison by computer and human

weight
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Compu Loss
2 1 win suicide
3 1 win
4 1 draw
51 draw
6 1 draw
7 1 draw
8 1 draw
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[Table 2] Comparison by computer and computer

weight
uter2 5 3 4
compute
2 win draw | draw
3 win draw | draw
4 win draw | draw

age ARUL ARG 9 AN 9

AIFE1 I HFE2 = di=ssivh

[Table 2] ¢ 7l2%3 A2Ze Mz =g
zt7kol el e] ThEAE ou|ditt (ST A
dAze] A ouli= A 25 Ve ABAF
H1l 3 gA] 7152 28 /A= AFE2 o gF
S omgth A HFEL o stk & T}
Z2 38 IAE AFHL # A 28 HRE

_‘_i'__'l_‘r
o] A3 FHFE1 9o FEolth
& AFE2 7} 29 THEAE S

ol

ot
o :r\ﬁi B
—

2
NS
lo

W4 oAtk AEA7 2k Ae wAMe L
Aoyl Wi, Buad FAL Fo=M e
@ ok BFEL B BFE2 7 AEA 22 o)
= , ¥

= 2% gkar vZth ol RAe AFE2 7} FA 3
woldo] oy, Wolde] Hojur] o,
FARGE Wojof| XFe}l7] wiolt)
5.2 B
2 mwelde arEeld] FE sk
g, Agsignh arAdele A=A =2 3
7] 913k s AUNS A A SATh
AA RN S F e BE M
F2 AYJEFR Eds HYFH A oz Y
= onyua gduaEon HRH £E Tt
ol wj A E] T ©A A olx Ao

FE7] A% AFAY Bk —

S WA P »TE 7bA] K= Aduiue 7}
AA71E =daATh

AFAYLS FEE F A FFES A= F
7Vekars Agtskl e Aldel gk L)
Bt ZFA A7)0 gk S Es 3 vl A3
3, A dugEe] g8Ades A5 9
steo] 7hEAE g T 7HA WHe R AFES)
th. A, AFEI olF XY AEAE AHEs)
of, At di=atdeh. B4, ZFFE HFE}
Mz gE Al 7HA e TeRE A7 AdEstie] A
2 =ty el HAe sbeA ghe Zoldl
o}

gto 2= olgd HZ 9 2 Tty Yo, g
SOl #EE A7 o)FofXvkd F o ¥ 1
FAYe] Hejet 2ok

REFERENCES
[1] Korea Creative Content Agency, “Content

Industry Trend Analysis Report for 4Q 2016
(Game Industry)”, 2017

[2] Imran Ghory,
board games.”, available at
http://www.cs.bris.ac.uk/Publications/Papers/2
000100.pdf, 2004.

[3] Nee Jan van Eck, Michiel
"Reinforcement Learning and its Application
to Othello”, available at
http://www.few.eur.nl/few/people/mvanwezel/r
l.othello.ejor.pdf, 2004

[4] Yongwoo Shin, “Artificial Engine Development
through Reinforcement Learning on Jul-Gonu

"Reinforcement learning in

van Wezel.,

»

Game ", Journal of Internet Computing and
Services, Vol 10, No 1, pp93-99, 2009

[5] Patrick Henry Winston, "Artificial Intelligence”,
Addison Wesley, 1993

[6] Woosung Sim, “60 traditional games Korean
folk play”, Nonghyup, 1996

[7] Woosung Sim, “Korean folk play”, Dongmoonsun,
1996

[8] Sukin You, “Artificial
Fundamentals”, Kyohaksa, 1988

[9] Hwasu Kim, Sunjoo Go, “The Realization of

Intelligence

64 | Journal of Korea Game Society 2018 Oct; 18(5): 59-66



— Evaluation of weights to get the best move in the Gonu game —

Artificial Intelligence”, Zipmoondang, 1993

[10] Korea Cultural Policy Development Institute,
"Basic Research for Developing Electronic
Entertainment Program in Traditional Play
Culture”, 1994

[11] Kim, Kyunghee, "A Study on the Development
and Effect of Traditional Play Program”,
Master Thesis, Daegu University Graduate
School of Education, 1986

[12] Jo, Duk-Keun, "Intelligent Jangki Game Providing
GUI"”, Master’s thesis, Yonsei University, 1991

@ A& 2 (Yong-Woo Shin)

o & : 2014 A3 hstu AFe Tt At
1990-2000 Z& A AYzZ=ae, LG U+
2000- A FopgSel s st wa

Journal of Korea Game Society JKGS |65



— QA Hae) 8 Fes] 9% AFH B —

66 | Journal of Korea Game Society 2018 Oct; 18(5): 59-66



