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Korean License Plate Recognition Using CNN

*
Tang Quang Hieu®, & % &° 7 A 4~

*
Gil-Dong HongTang Quang Hieu", Seungho Yeon®, Jaemin Kim"

Abstract

The Automatic Korean license plate recognition (AKLPR) is used in many fields. For many applications, high
recognition rate and fast processing speed of ALPR are important. Recent advances in deep learning have improved
the accuracy and speed of object detection and recognition, and CNN (Convolutional Neural Network) has been applied
to ALPR. The ALPR is divided into the stage of detecting the LP region and the stage of detecting and recognizing
the character in the LP region, and each step is implemented with separate CNN. In this paper, we propose a single
stage CNN architecture to recognize license plate characters at high speed while keeping high recognition rate.
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Fig. 1. Speed and accuracy tradeoff on the mAP at 0.5
IOU metric(Source: YOLO v3 paper).
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Fig. 2. Proposed method vs. existing method.
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Fig. 7. Detection and recognition results.

gl 7. dE « oA 2o

Table 1. AKLPR performance of the proposed method.
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object Precision Recall mAP
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Character 99.88 99.81 99.52
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