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Abstract

In order to increase energy efficiency, developments of the advanced metering infrastructure (AMI) in the smart grid
technology have recently been actively conducted. An essential part of AMI is analyzing power consumption and
forecasting consumption patterns. In this paper, we analyze the power consumption and summarized the data errors.
Monthly power consumption patterns are also analyzed using the k-means clustering algorithm. Forecasting the
consumption pattern by each household is difficult. Therefore, we first classify the data into 100 clusters and then
predict the average of the next day as the daily average of the clusters based on the deep neural network. Using
practically collected AMI data, we analyzed the data errors and could successfully conducted power forecasting based

on a clustering technique.
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Example of a prediction result for time (Example 2):

(@) Input: consumption pattern of the previous day.
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