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KoNLTK platform, github

2 BAl 23K
(KCC150, KCCq28, KCC940)
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https://github,com/konltk/

http://nlp.kookmin.ac kr/kcc/
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https://sites.google.com/site/koreanlp201 st& O|0|E 15,000 2Z,
'

8/task—1

https://sites.google.com/site/koreanip201
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@ Korean Contemporary Corpus X +

€« C ® Z=°| 2% | nlpkookmin.ackr/kec/

=
#d
=t
ox
N}

KCC150, KCCq28, KCC940 -- Korean Contemporary Corpus of Written Sentences

KCC1E0, KCCaz8, KCC940 — Korean Contemporary Corpus of Written Sentences

Total 272,698,565 words (19,562,522 sentences)

KOC(Korean Contemporary Corpus) —— written raw sentences of the Korean langugas

1) KEC150_Korean_sant ence ELCKR. tat
| —> 150, 5, 457 words (11,961, 37 sentences)
| Sentences with quotes are not included.

21 KCCoZ5_Korean_sentence_ELCKR . txt
| Al the sentences include a quote,

| —>23,78,7% words (1,337,721 sentences with double goutes)

| 31 KCC940_Korean_sentence ELCKR. tut
| Al'l the sentences are no more than 30 words,
—» 93,210,332 words (6, 363, 454 sentences)

| Seung-Shik Kang, Ph.D
| Professor at Kookmin University
| Email: nlpkang &Tama i | . com

| Download one of the following: the same corpus(EUCKR or UTF8 encoding).
; - KCC150 Korean sentences EUCKR.ixt.gz -- "EUCKR" encoded file
| - KCCq28 Korean sentences EUCKR.xt.gz -- "EUCKR" encoded file
| - KCC940 Korean sentences EUCKR.txt.gz -- "EUCKR" encoded file

| - KCC150 Korean sentences UTF8.txt.gz
! KCCq28 Korean sentences UTF8.txt.gz
| - KCC940 Korean sentences UTF8.txt.gz

(3 3) &t=0f EAl HS

HREA Fole] QA& AT 57

o2 Shs AY ARAFY AP ol
ARAE 7% AFAAE APAE]
Aoz AFANws) gl S AAoiAe] ol
o] AzSoe] AAHoR 4, Bt g °
TS wolA oAkl oA Ves
Held & AW es el oA
7] Ao Hgale ATE BHow APy
ST <X 2> @] AuAY A3E
TARIe) 1] o] Aok e s
A& 7N 8ol

of dpAle] 19 AT AM== 754 2973

—

{o

N
==

oloy =}

S

=

"UTF8" encoded file
"UTF8" encoded file
"UTF8" encoded file

A7HTE o{H (19502 2%)

T of el Al HEAE 20199 1€ T
Ron, HHYS 93 A= vy 5 ditR
WA 7F Badk ATl AHEA AREE 2
T ST, WX s Fshs wES T2
FaT) Akl g ﬁow}. KCC150& 1953wt

[e) iy | S == a0 1}
ofd(3ont @) = %L%;L aom
KCC940 Qlgo] ¥3hgl ¥4 MER 43

1) http://nlp.kookmin.ac kr/kcc/



10 | guxayerx) § 26 A ¥ 2 3(2019. 7)

Welcome to CQPweb!

Enter your username:

Enter your password:

[ ]
[ ]

Tick here to stay logged in on this computer: [

Click here to log in | | Clear form

Create account | Full account-control options

Corpora available on this server (click here to view your own corpus access privileges)

Korean corpora

Korean Contemporary Corpus 1 Million Sents

Korean Language of Advertising

K-POP Corpus 2

Korean Corpus of Movie Review

Korean National Corpus TB

Korean Contemporary Corpus 2M

Korean Modern Literature 2

K-POP Corpus 1

Korean MNational Corpus

Korean Corpus of SMS 2

KCC for Teaching Korean

Korean Basic Laws

Korean Corpus of Poetry

Korean National Treebank

Korean Corpus of SMS 1
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Hejd doiAe 7lselAs wol g 7]
How who] MEE 78] fleiMs i €
| A7 Fasin, golo] gl Ao w4
Zgih AdojAlel g7t v 2gstEo] ¢
th Hdofo] Aol =3 Al o= D- SPINo]

>

2= “A German Infrastructure for Language
Resource and Tools”E FZ3}a Jom, 9
7o) QlojxeE] T2 AER CLARINO|2R= ¥}
A FRste] dojxtedl B AojHe] BEs 7Y
WetaL 9tk Hefd 7lse] ARdoiA e gl
Al et Al A E A Zere] lojakd
& AAH R FEste] Algska glen, 9ol

| thaiM= LDCE Ao vid A&H2om
ChFek ofe] 71E WeAs FEkal o,
*@%— iy zlt FEE AEeta o8 deA
= 83 goldaz AEEa ohd) nltke}
kaggle AtolEdoll = 7] AI8k5E 213 10091 71€]

2) https://weblicht,sfs uni—tuebingen.de/
3) https://www._ldc.upenn.edu/
4) http://www.nltk.org/, http://www.kaggle.com/
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Unigram Bigram
(28 5) LHe LsTMIH MRl CRFE 0|88 S FA 23
7ibE| Ak, £, Fl Scorel= &% unigram?t AF&-3F 7
Z71el= FEla F4719F ofE 14l efgt 320} 24 unigram¥} 54 bigram< 7 A}
Hoj2rz] o]l AAHALL, DA EEeA 7} B3 Aol ofd Fget ofd AQAE, T
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3 71 A8k 7% 2.2 CRF(Conditional Random
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Start -
token Atg2 AHELE
ltukenize 2 2h= (0.125)
> LA 0.117)
sae |[ o |
[ ][ J 3%535 (0.089)
| a2l n7lE By ey ojlxgte  (0.227)
N 2OYE (0210
e | of
MeE “H!i _LH]H' | <End Point> (0.163)
| a2l nHE e 2e
Algle oL | WA 2O0|HE | <End Point>
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| End PointAl ¥4 &2
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, Prediction ---------------------ooo oo
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Adoke hagh WO R ngram 7S AHES o]x ¥ ngram 7|H-& o] &% i A o]
T Atk ngram 7|HS o] &5 A £ ul W5l (n-1)719] WolZEE nHA HolE
so] AA FE P(s)S 7t Tl HF FALo] Adshs WO P(walwiwaws...wn) ] L0l



Q
2
2.'.
-Ll
H¥
.t..
ae
=
ofl
N
E
O
_°.
l'ﬂ
el
_fP_
ol
u
T
lo
_>'|_
re
2
£[1s
1z
Pl
]
ok
P
wn

7P 2 was A ik Shsr dlolH 2R
ngram 55 78k, ©]E 7IREO.R trigram 2

gl olal £ Y HES e PEe
ofgfje} 2tk (2% 8)S ngram EHE 7Yl o]
g3k B A 748 YER oolt}. ngram 7]
=& AL S5 dolHol &d%

AV B Ae) P2 S mam
BAGE PSR S AR Aotk

4 TIS0| AL 4K 150 o

Held 712 CNNI RNNojeh= 7244l
deep neural network TFE 7|WFoZ <lEf
LSTM, seq2seq HIES =, GAN(Generative
Adversarial Network)¥} 7ro] &4 EA4S 117
sto] thdek 88 okl ATt 72 WAy
AL Qe dofxe] 7t ¥ ste] word2vec©]

= sl do] WHE A A
Aste], HZoll= 5 THAHREE JLelste] ¥
B2 748l ELMo®t BERT W5 7]%o]
WEE I lom, HAl el 7]es o] &

A9 A )% Agshe 77 AaE L 9l
.

B0l QlojAel 1ee A2l A 7]
Hio} ot AALE Jtow FuAnS
olgd ABAA 7% AR olwfe} 7|

o
glo] 4l 3§ 71§it XP?ioi ?L(NLI:

Natural Language Inference), NELL(Never
Ending Language Learning) 5°] A7-%3L 3}
1:} Aol 7les deAlT ZoklA AA=

g317] 8 tistd Al2ES skl <17t
JJr Z1A19] skl A S olsfiste] QIZbAH

Eehs AeAT 7lEs NEET o) e,
=

ok

B o 2 10 o of o o
— |
Ny
tlo
o
o
[>
_El

0%
ol
s
£l
%0, r
)

~
>
)
Olﬂ
re
2
2
o,

o
Jou
o3l
1
Iy
ol
R
o
i

on & & &

ZHE= 1%6}7414 RN, Zﬂ—E‘ °¥7l
= ARBlEAl s del ZlelekeE ATe T

% =

Hl
o -
71046—}# ATE %636&1:}. 3, 3o JRA]

Amt & Fagch #HA Held vl &
A% o] ArAEe] ;A ok 7% TS
FJr Edy
() #HAEY g5 2 Fr7kE 93 dojxle]
+F =
- YAEEA], FARTE B EEAe] 2
T



16 | guxayerx) § 26 ¥ 2 3(2019. 7)

(2) AN "9 7S o] &gk gho] AojH g

7% 7H1:ﬂ—

- Language model?} 25- #3 HHZF o]&
sk e 7le

- ELMo$} BERT H|d 7|Hel oJgt gk
of #4e] oMl 7=

- A9 ]l 71 gkero] g Tl
= ojolsl 7lz=ol A&

(3) dolAY 71Ee ARIEA aiEel A8k
Held 7le AT

- ABBEA] siAS 919k g el
A 7ls AT
- BRI VS o] 88 AFEAL omalet
7% AT
- Hol2y)y, A o 5 ARSlEA Al
A
0.8 E

1980 dthell 71AM G o2 AIFE A x}¢do]
Aglel ek A= it Y 2E dloJEl7t A
ZH a3 Held 7]Ee] ®ushged wet g9y

7IME ol8st] e I EAE siAsks W
Foz wEol gk Held JIelA 1
L3 a4s diafi dojakle] P53 7 A
Aol A sy daelge] FAolh A4l

=
ol
s
ol
46 o
ol
>
>

Fasta e

o F
A7E Arellds A T

do @ my
lo,
ies
ol

AN
ol
&
B
rl
kv

2017- 201877}214 11474] ?i%“ IES github<}

YAl Eell et oM, 2019-202714] 20HA]
ME deiRdE B skl 7 dlolH

Acknowledgement

o] 9= 20179 AR(IHEHRE
o] Ao R sk tAe] A hg ol 4
8w 7] 2 A4 9 (No.NRF-2017M3C4A7068
186).

10 i
» o

o

n |

[1] I Sutskever, J. Martens, and G. Hinton,
‘Generating Text with Recurrent Neural
Networks”, ICML-11, pp.1017-1024, 2011,

[2] Y. LeCun, Y, Bengio and G, Hinton, “Deep
Leaming”, Nature, Vol 521, pp.436-444, 28th
May 2015,

[3] J. Schmidhuber, “Deep Learning in Neural
Networks: An overview”, Neural networks,
Vol 61, pp.85-117, 8th October 2014,

[4] T. Young, D, Hazarika, S, Poria, and E,
Cambria, “Recent Trends in Deep Leamning
based Natural Language Processing”, IEEE,
pp.55-75, 2018,

[5] T. Mikolov, | Sutskever, K, Chen, G, Corrado,
and J Dean, "Distributed Representations of
Words and Phrases and their
Compositionality", arXiv:1310.4546v1, 2013,

[6] M. Peters, M. Neumann, M. lyyer, M. Gardner,
C. Clark, K Lee, L. Zettlemoyer, "Deep
Contextualized ~ Word  Representations”,
NAACL, pp.2227-2237, 2018,



Qlojxiel 7%} Tio] YHIT JIHL ol8¥ el el Xielof B W Ay | 17

[7] J.Devin, M, Chang, K. Lee, and K_ Toutanova, [18] T.H. Wen, M, Gasic, N, Mrksic, P. H, Su, D,
"BERT: Pre-training of Deep Bidirectional Vandyke and S, Young, “Semantically
Transformers for Language Understanding", Conditioned LSTM-Based Natural Language
Proceedings of NAACL-HLT 2019, pp.4171- Generation for Spoken Dialogue Systems”,
4186, 2019, arXiv preprint arxiv:1508,01745, 2015,

[8] M. Nagao, "A Framework of a Mechanical

Translation between Japanese and English by

Analogy Principle”, Artificial and Human

Intelligence, 1984 A A ¢k F
[9] K. Cho, B. Merrienboer, D. Bahdanau, and Y.

Bengio, "On the Properties of Neural Machine

Translation: Encoder-Decoder Approaches”,

Proceedings of SSST-8, pp.103-111, 2014,
[10] 244, 8i=0] Hist M2 A3 Aigl 22, 23

HMEeUdTE 2NN, 2011H 7€,

(1] ZaA, #20] JPEE ¥ HIE Gold Zs 4
Standard AXIR! 3 F=, AMCINEAFE o] : sskang@kookmin, ac, kr
7|=7HekALe] oAt A 2019 58,

[12] X. Zheng, H. Chen, and T. Xu, “Deep Leaming + 1986 MSChst TXIAILZ ISSat (StAh

i Zstat (3
- 19881 MSCHEm FXIAALZ [ (A
- 19931 MSCHEm FXPAAZ [} (2Ah
* 1994H~2001H SHECHstm Emg

[18] Z Huang, W, Xu, and K. Yu, “Bidirectional « 2001L-34K] Zoltjstm ATEYo{SHE A
IR0 X0, S0 FHEX{2|, 2L

LSTM-CRF Models for Sequence Tagging”, nIPNI
arXiv preprint arxiv:1508.01991, 2015, BHIAEDO|Y S
[14] D, Chen, and C. Manning, “A Fast and
Accurate Dependency Parser using Neural
Networks”, EMNLP, pp.740-750, 2014,
(18] C. Dyer, M, Ballesteros, W. Ling, A, Matthews
and N, A Smith, “Transition-Based
Dependency Parsing with Stack Long
Short-Term Memory”, ACL, pp.334-343, 2015,
[16] X Zhang and M, Lapata, “Chinese Poetry
Generation with Recurrent Neural networks”,
EMNLP, pp.670-680, 2014,
[17] Y. Zhang, Z. Gan, K_Fan, Z Chen, R. Henao,
D. Shen and L, Carin, “Adversarial Feature

for Chinese Word Segmentation and POS
Tagging”, EMNLP, pp.647-657, 2013,

Matching for Text Generation”, In Proceedings
of the 34th International Conference on
Machine Learning-Volume 70, pp.4006-4015,
2017,



