FYRA|2~HAT, A28d A3E http://dx.doi.org/10.5859/KAIS.2019.28.3.105
A A 2~H18}3]
2019 9€, pp. 105~121

TF-IDFE &85 3= =] A= A+

013+ - ok - PF s

(= #bH
I. A& M. A3 Zdgdel=
0. A8y A+ V. 97 <dags A3 23
21 TF V. Az} 5l A7A|
2.2 TF-IDF e
2.3 Cluster Analysis <Abstract>
I. M2 o8] A& iz 2016'd ©F 33009 €& A2t

O F 2021W97HA] 1% Yo FRE A Ao

2016 27,300 WT} o] o] mjglojy = Hal TR |EHEAT, 2017).
AAANA F27}F uld 2206 o)) HAAE o] IDC Earof] w2 AJA Hlo]EjekS 20161
o|7FA A 2019'3-8- 49,0007 T o] H-S 16ZBollA 20253 163ZBZ 109 =71 A
W1z 9ltiwikibon, statista 2017). <& 1>& olg}al FHIDC, 2017). ITEOk] AJAZA}
U] Blgole] AR AA ARRD 6 3% 2 AME HEZ#AQ] JFEU(gartner)ol|A] 2
S Q= AL BT Yok T weory IR AT WER A 1004 W HHE o
NATFEE KISTIS) nilg|2Eo| o5t o) o} mutd tute| o] WdE AR 7} g
d 14%L ol8 Aow Amun w2 wy O WS S ARIE S (semantic web) €73
o] HF o toJele] 4L Fpzow S5

<FE 1> ol AR F2 2 XMoot

72 2016 2017 2018 2019 2020 2021 CAGR
AAA A 27,300 33,500 40,800 49,000 57,300 62,000 22.10%
TUA 333 423 539 692 894 1,134 26.90%

* ot en]=Y 28k, jhlee6050@deu.ac.kr(FA AN
** gofthstul 73 g, mblee@deu.ac.kr
wxx Folthstal g R S, jokim@deu.ac.kr(aL 21 A1)

- 105 -



rARAZEAT, A28d A3E, 20193 9€

I Y= w53 7kl UtHgartner.com,
2018). 53] tlolEe] FeHolA  #HAHAI
(legacy) Al2=Elol|A] wo] WHAlslh= A FH|o]E]
HU= SNS9] gHiko 2 v gdole] S7t %
o] wj-¢- =t} HIHF tlolEl= H2E FHjo
7= tishE ofye} LA Lol o] ARxlolt
Y T #Zo] ti&FeoaA Bttt Feo]
o B2l Holegt & ¢ Utk 7HEWE
719 W WEA solv= Hlold 7kt 4
2 dlolH Rtk Hlg-z2A]olw HIAFS] Hlo]
E]9] H|Fo] 80%°]do® Hal Stk HIEFH|
olel T A9 HE, A, A= 5 149
Uz 4= 92E HolEl] A% 3
FopA|aL ek,

TEZ Y2E 7 ugd HolHEd e F
&) S 2y B2 (insight) S 7] SI8iA
Bl 227t Fasith WA, 19

UzE &3] flall 189 vkss ¢lol &
°]7] sl AAs 3 (crawling) o] A1eY=o]
THALS- - F57F, 2014). B2, &%
n|tjo], §) Alo|E FHl= 5 B35 §) #Ho]R]|
TZE 248t da Eﬂolﬁ T8 2 A
ke Aotk F MAle F3E HolHE
4 (analysis)sh= #Hgo] Hasitt g 2E &
Me FFE A o= ol ARk QIH
Ulr2s o]9]9 QIEUle], e} 53} 2ol H
FFO7F AHF R B Ao AHYE g
Erlo]y(text mining) AZE S35l olE
Ashs FA ot A A, 2017). E)2~Emlo]
W2 E49 543 A3l wet 7]19/= AA
247 o g vloly 55 S3lA Al4skd
AINE =3 vA o= oy 4 52
o w2 dlo|e] E-4(user-driven analysis)©] 2

[e]
o
o

X r

L3l A1 71 E A3 0
3} "oy FE2 Z-83te] oApagel 2835t
Al ﬂEKAmado et al., 2018; ¥I%¥ &, 2018;
Lee, 2013; 24 5, 2012).

=3, 3= A4 AE(KoNLP)= EF01=
TEHA &2 vEo] ¥ A"o] T H|xFE
o] A FAHo| Fesitt HEFAE HH L
2 A Beg Rejshel mEFo] At
Hlwst] fARE 79125 FHE7]1% SHAN
and Kim, 2015; ©|&3} - o]3f, 2016).

ST FFL o] 83he] gEvfo]d ¢
Tohe ATFAES tiFE NE #4987
of  AX  FZH(extraction), TA
(classification), &A1 TF(clustering) &
WS 285137 QltHLee and Lee, 2017,
2] 9], 2015).

TF-IDF, BOW(bag of words),
NMF(non-negative ~ matrix  factorization),
Word2Vec 59| vtold 71RS -85t ofr]
4 Ay} 8% 3 9JtKChristian et al.,
2016; Zhang et al., 2010; Hoyer, 2004). Th&-&
P 7I9e] A= P 2 s 7]
HE A7-e] mzIgto] Bl &&, 3= 7|9k
[ 7IerET 2o e o] AHEA
UEIZS] S0k FHOE AEZ 07 AE2
TolEo] oA AL QU o]#E AR o E
g2 7|9 Akdo] A2l A7 tE- o]
=1
Te g2 7 ZAE o8 ke Wl
o] E-24921 TF(term frequency)” ¥4}
ol TolE FE3tY EAsh=
TF-IDF(term  frequency-inverse  document
frequency)”7'He] AHE FREAS T3 vl

2 Azt

re

o

N
i:QmL

dr fz

i
=P

N-gram,

o

rh

o M
re
ok

bl
X
1%

7(31-

=

4
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waluzl stk B =R 2%

[e)
. =
THDR2 324, YA ) 49

FE317] HUP =) =29} %ﬂﬂoﬂ Z
AYE &2 AN 48
& o= R 54 719=E S 24
AIE A, vhAe Aol Aol At

G5 A7 ANShA Pk

_1

ot

49

I, M g

2.1 TF(term frequency)

3 BAo] ol e v BHS FASHE A
& Gojoly] 7} do] M B0 ABEE
A2 Al & v doje] MES B4

i
M
o
o)
9
>
e
9
il
o
1 rlo
o
=)
r\j
I
o
o
s

i o
e
>
=
>

il
N
X
IIEE [TR-3
32
rr
)
it
£
uj
T
R
2 e
A
2
i)

TF7]

o

IN 2
2
N
_‘
2
2
ttlo
£

Lill=kabel ‘:}‘ﬁ 7o W AT T
Aol w2 Zlolth” 2hs 7HAR TRgkE AHS-
SItKYe et al., 2016; Christian et al., 2016; Xia
et al., 2016).

[y

TF= tf(t,d) 2]

2119 tf(t, d)=
t7} 2 Hol| %

AT FA(EA dollA T
AAAM YERtEA NS 73 A

TF-IDFE 283 3= Ao A a7

o doje] Nlze} # & glk

30

"a new car, used car, car review" --—- <EA
qdF1e #4874 gole <IF1>3 2k

<E 2> oA - TF Values

word TF
a 17
new 17
car 317
used 17
review 17
<E 2> dF UHe] Hol2 7Y A EAR

TFaE Aeleld o3 Atk A= & H &
HOoZ ‘@'9] TFR2 17°] =™ “new’, ‘used’,
‘review’ = =9 BTV} 5Y3l] TRkl 5
3lck SFAEE ‘car’ Y %?ﬂ NEE 332 <4 &
A>9| TN 7P =& HiolH =& TF 4

< 72 "k &, ©ol ‘care dlEA oA
7P 583k dojoltk

S5 TRgke] %
& Fafo] el 2

4 9RE ool ol

"a friend in need is a friend indeed" --- <] =B
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<¥E 3> o B - TF Values

word TF
a 2/8
friend 2/8
in 1/8
need 1/8
is 1/8
indeed 1/8

<X 3>9] TFZES AR ‘@’ 9} “friend’ 7}
HE 23] 2902 22 TRELS Zh=th 314
T o204 Foi FAolA TR dol=
friend o]tk A5 SdHE o7k TFake] =4
A-gHth= 7HolA Eob dlE200A RAH
AbaA g QA e o7t HAETh & TF
Zhato 2 3 Bahe] tholole] AdAlS el
W7] & AE A "k T Tof Hxr
Eohy 2] RS AT AU @
F7FRAE  Qdt § é E‘roiﬂ T/q]/} +7a}
o] ZAAA LAt FF
E}J%}@ =4 U Xl~r %]_ EPO%E Odﬂr

—|—‘

[mm

2.2 TF-IDF(term frequency—inverse
document frequency)

oe% TFZke] X% 0FE v 7] 9

slod IDFE &-83kaL Utk ofH Tol=
o] Aygo] wgollx Bt A =3
757 BRI o] ¥ gle TS
AHe F7] 943 7IHOE TF-IDF7HS &
2-gt(Salton and Buckley, 1988; Christian et
al.,, 2016; Xia et al., 2016).

TF-IDF= 7@.&4%{1011%1 ARgB= HI2E
olg] A darg]Foltt AT EAY &4l

f

Sl
rood

Oll
T

R

o, 54 o7t A7 &4 WellA o=
= Z

hen| B SRS U

A _‘,:_(5|mllar|ty)Ur A ARe] +=9& AAst
= AAdzle &83p= gty WA IDF
(inverse document frequency)S AT HH 22

o} 2t

A A NA Dt F5H 0= YR A
Bl gholoh AAl E49 & &g &

FRE A9 2 e F, 235 F3H

SJtHSalton and Buckley, 1988).

12 2 i Mo
o iv
5=
1:1°i'

4>

"a new car, used car, car review" --- <&EA

"a friend in need is a friend indeed" --- < &B

S
—
m
i)
filo
i
od
ﬂi?l‘
2
i
ol
o
4%
)
2
i
>

E‘E‘r.

<¥ 4> o 2A, B - IDF Values

word IDF
a Log(2/2)=0
new Log(2/1)=0.3
car Log(2/1)=0.3
used Log(2/1)=0.3
review Log(2/1)=0.3
friend Log(2/1)=0.3
in Log(2/1)=0.3
need Log(2/1)=0.3
is Log(2/1)=0.3
indeed Log(2/1)=0.3
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<E 4> dFE TR Fe EAelE 2

7h AU 2i7ke) dols 2 e Bl &
HAYLEAE Bro] AT w9 FE

735
T EAlA ARSEISIC B E IDF Flo] ‘(0o
UeRdth ‘new A= AA 7 24 T & &
oA EAHACEZ Log(2/1)2] Yoz
‘aE AL dole 7

0.39] IDF < Z+=th

4 3 dUS NEE Holu 9o ae T
7 25 Uehd dojz AdE et 9l
TF-IDF = tf(t,d)* log—D 213

1+df(t)

2] 3& AWHEW TF-IDFe] 5784 Heole
o] HIEe} HEA] RIze] Folgt & & Qi
o] A7 A& wl, B4 &4 SolA A
@7t o= AE Fa3 oS ZH=A] 74
€ Ho]FETtKSalton and Buckley, 1988).

<# 5> odF A% BE A& TF-IDF
e A8k d& A9 TF_IDFEES A
B 0139 o] 7P o1 ‘car’e] ©olr}

TF-IDFE 883 3= Ado] Ay a7

oA 71 Fa3% dojott. 4 BE A
HEH TFEEES BekS wle ‘a’<} “friend’ 7}

2e 3g 2k ok A% TF-IDFZES 4l
X “friend’7} 0.082 7} &2 A-=E Ve
Wtk ‘' IDF gte] '0'e]7] wi&ol TF-IDF3k
& ‘0rolth. 7 BollA 7P B ARE T
Sk o] F, 7P AT =& Tl Hfriend’ o]

(Salton and Buckley, 1988; Christian et al.,
2016; Xia et al., 2016). 3+= 7|4k Ao HA)
= W) Yz BAo] Hojxlths Eo g 3§
AEnh B A7 A7 bt 2HE B T
2 7R3l TF 7] B4 719=8 2}
= =43 TF-IDF 71" ARgsto] &40 &
2 gol7l 54 7191=9 £4¢ 247t 52 o

TRt F 7180l Aol § Ao RIA Fek

<# 5> o EA B - TF-IDF Values
word L IDF TP IoF
A B A B
a 7 2/8 Log(2/2)=0 0 0
new 7 0 Log(2/2)=0.3 0.04 0
car 317 0 Log(2/2)=0.3 0.13 0
used 7 0 Log(2/2)=0.3 0.04 0
review u7 0 Log(2/2)=0.3 0.04 0
friend 0 2/8 Log(2/2)=0.3 0 0.08
in 0 1/8 Log(2/2)=0.3 0 0.04
need 0 1/8 Log(2/2)=0.3 0 0.04
is 0 1/8 Log(2/2)=0.3 0 0.04
indeed 0 1/8 Log(2/2)=0.3 0 0.04
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2.

w

2EI2M(cluster analysis)

THENLS 7 1](object)—4 e 4
&, o8 IFO=E FolFe Aotk 22 1%
o e AAEL & 5 A= AAE
Hlsl o SARE B4 TRt 2 £ gl
(Lee et al., 2018; Nowak and Tibshirani, 2007).

71 BAARelA ] gk a4,
o], A 9] /2l 1A AR Qo= ARE
A, 2 W, 7R d £ B8 5 B
AH]2=0] ThefRt FETE ARAR A BE]E AL QL
£ Zolt}, o|gA e 540 FAHE &

g2 7 FE @ 2 9 OF & 7=
EHFE 4 Joid, 4] #3643 3=
oAl Tl g

A9 AILE 93 o)
ARow A A 2
o T4 ofe] AROE WAL A% 5
How B4 9 Aojg BAE dla) 2%
o] g Zoltk

<Y e 2A BHE A A e
uE] A At 23 Ale 9 A49E 2

Distance
(be%ween wvecton)

Vector

< 7R3} FAE B g Utk 22 SEEHE
w7 AAE 2olls dole] AR 448 7HA
o g2 7o e FH2H e ge
AL 7HE wE weke Aotk Y A4l
A Al A 7S HEAEN, HFAA,
QeEAAY, FHFAZEH, K-meansO.2 T3

THHartigan, 1975).

FHAZ (single linkage method)S F T+
A Atele] AglE 2 ol Sske dole] F
MAE Arole] A FolA Hd AZE A9
st 71 Aol 2 e Bl Wi W
Ho|tTopchy et al., 2004; Wu et al., 2018).

FH 7 A (complete linkage method)2
T3 Atele] AZE 2 #Rol Sk Yol
T NAE Aol A FollA HA-ARE A
oJst 7P Aol 2 #RE Fol Whe
HHo|tFerreira and Zhao, 2016; Rong et al.,
2018)

jg

= AAH(ward's linkage method)-2
e Fe W A7e A= T3] &3l ;A**
AAEe at Al @& S wHoE
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TF-IDFE 883 3= Ado] Ay a7

o

et A= A AFFY FHES T
TF Abole] Az Aefste] 71 ARl
=2 THOE TEEo7e Wt A E -

A, 2018).
et H(average linkage method)
7t 44 ST = Alolo] ATE

AN JHAE shA AeEls) A4 e s
& 7459l A B ANt b 4L 7k
FA7F E 73S Fol Wke W olti(Jia et
al., 2011; Eder, 2017).

K-means+= 3= I8k 1 &GRS
2 e TR FEAIIE FHE HA b
olelE 4 JH9 e g TIFsele 74 d
o AL vfeftomm Ao Sz tigh
olFlE FIAF dh= w4 WHHo|tiJavadi,
2017).

TF 24 ol&ste] ME Alo] 1A T
F Aol 74?4% o] g3t wiolid Aol A&
stz gt B A7AES G2 719 vlol
Y AgE o83t vk B AT g2 7t
TFe} TE_IDF 71 9] A3s 3 E4< o8
sto] Hlwstara) gt 53, ?fi’é AT NEE
A4S ) HolAE Aol 7FsshH
AANZE B4 gl & A= Z}019}
TF 3+ AYE AlAE

Hir

n\i

=71
gt

a4 e
ol % 7}

=

Entolid Aol
F 7R3 &4 W
2| TF-IDF 7|¥H&

ol

719 =
=

%

=
3

S

'r‘/“1 DBoﬂ A
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Research Document
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unit

TF-IDF

|
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word

Relevant

word
}

[_Research Keyword

l

l Cluster Analysis

I

TF word value
And

{

[_Research Keyword

l

‘ Cluster Analysis |

|

k4
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TF-IDF ward value
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> ooft

N
o
-
zy
o F
o
rf oo
e

o

E9| giolr}
<19 3> A L1

RorRel WEAZ Wik 33 4w

o) % 54 ) Wolsl A%
o, The A AEe B2

Sato] T /o] WE| Aelsh FHALY
walE ol olpl gl ke : Sl o

# WIIXNZE
> library ( tm )
# BHEEOZ 00l H&

> ixts <— c("a new car used car car review",

# HEE 2A2 Qi UEXZ HHE

o=

> corp <- Corpus(VectorSource(txts))

"a friend in need is a friend indeed")

# 2NS0 HOE FE6H &2 EHME 22 EF(H% Le

# ‘weightTf 42 0|8

St T JtEX BN &

> tf <— DocumentTermMatrix(corp, control=|ist(weightin=weightTf))

# ‘weightTfldf 42 0|2

St ‘TF-IDF" Jt=X &N &=

> tfidf <— DocumentTermMatrix(corp, control=list(weighting=weightTfldf))

# 23 0l EEE 0 =
> findFreqTerms(tf, lowfreq = 1)
# 2M SO BIEE &
> as.matrix(tf)
# 0.330/ &2 =X &
> findFregTerms(tfidf, lowfreq = 0.33)
# 2AH2 Y JIEX &5
> as.matrix(tfidf)

<32l 3> TF, TF-IDF Value £& 12|

ol
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TF-IDFE &85t 3= Ao Ag A+

A B ATl dgdre
TZE 0] 9lrk. “Pythong o83 SNS T2
N2 750 olgstel Y AEA 53
84 5 vEIZEe

e A4 #42 7AH DBel A=l
2|31 QTKe)E3}, 2018). ©]F3H2018) AT=
o]yl fiegtolm e 7Y ZekpAE o]
sto] QIZ=El19l, EQE, fRE 5 &4 Hlo]
HE AARE 75 7Fs3 Al2H"lE ATt
T2 ZIAE QIEUlS Sdt dEET) SR
W 14k AAe] A4 AHe A DBE F=5
o] AHrt. o]2l3t Al2ElS o]-83te] ¢ ¥
o|A] F&g Fot AF ATE APk
<I9 4> A7 ST AA 4=l A http:/
14.7.122.142/dashboard/ python_crawling.php)
oltk. Fr2:9t YT 5 Bk A

shaL or W]l @Rt olgr 719 EE o

54 Azsglo]

£y FHEE 94, 3

FHE =2

JEJ

st g =4
ﬂﬁﬂolﬂo}t}.
AT AL B 27X RE
e 7|22 201949 5¢9 20 ~ 26Y(15FY)
ol 719YE+= = ARE A
<= APty A3 71z W 790739 714
FRIFR O™ A= 77 21,07971¢] H[EIS
A& AT 4 ATk
< 6> <1 4>9] o] R|o|A A
£ 2 7IAF Al glaEolth AAY A
d Y- HlolElE ZIAE o HE 2o
o] Fel= F&of 7w o] g

“EY I o|FE

.

o > £ o &
% o
e
b

3 28 “EYEE ol 2T U, ol
= 50 Swd Frevh g sk
ik

Python Crawling using NEws

Options
Category: '® News Reply

Date range :

= 2019-04-27 - 2015-08-07

Keyword :
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[El

<E 6> 2019-05-20(77h “E =" w2 DB

ZIAL W=

AN B3 T 1~230 Qo o A AF

(" - R S oA IS £l Slolst A s

2olg “7F, T7 gl 7439 -5"471

69 - A4 olgk ] o[l Bal - AAAA B 5 5
ol A AT AL F1 AL EFE

1235 o3 s sheolsle A ol
il

AR F & K8
2z

EF'Zﬂﬁoﬂ ‘l_7]""]'}\ﬂ UH7]U4 719 49 6% |7 ZFEgAA

5 Slols] YEzol= 08 9 T A AU

t-5 Aol f BAZALAA A ddgBel FE NE

sfslo] Aol ) FEA 2 LY AT

¥.H, EFE 9 o4 197 T3

elm “EdE Rolgte] 7] A o] T

P AeEE Fol % olf 37

Height

o
o _|

=

[

= i
c:_I:I

D

o

=

S

&

o

S

=

N e

o ”%
g Z e
™ I
o

=

=

&l

o

[=

=

G_
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TF-IDFE &85t 3= Ao Ag A+

<79 5> 5UNURE 7ULF ALY 2
o “ERII ol%:E TF 719 S ol8% PR
4 Azjolc. {MF}3h {F7{BHloNe] 2
° RO Folgls Ae AY 717 Fke

ol4el vF S| R WO Isfel
v Selo] AEL] AT B 7IAFEe
FEHOZ Uepd 7)9set B 5 qdnk {3
st AN R B3 A v
AV WAL Aol B ol Thste] “E
o W AAEY] BEAOE Uehdria
S QIok el {3, )9}, (33, =4,
(AR BAYS “EHE BTN oo

B A9 2 5 9ok

_;

<13 6>2 5¢ 20¥FE 7Y “ERE
ol E S E TF-IDF 71"HE& ol &3 73

w4 Aztoltt. TF 713 22 43 HolEs
°]-&3te] TF-IDF7W-< 2|83 Atott. {o]
10 2ol o

S {8, P S 2R
o {714, 3e, 53 shellol, S, 1
}7]_ 71—0 _%Q_(?:]lg ol- O]E]-
<I9 7> TF7I'H3 TF-IDF 71l Yek
@719 EE vlwgk Aol F5H 02 e
@ HlolEE “71%d”, S L
“F=7, “Bhgllo]”, “3lE o] F 7IHA ETF
o7 vehd Aieltt, vlm3 = 9
W 3 Bk B 23F 3ER] sheo] 3
oA o] s Eol Bitel 19w #E A
FA B 7|AR Qlet] Yehd 35 719
e B 9ok =3 TF 7ot EA)sh=
“Ar, AP, “BA, “FE, A

T AR—

IE%

IR =h R udl]
aua_

AP,

o
=
o
s
arl
o =)
o
2 -
-+
o
o
=]
o
2 8 _
s R
D ‘
[
=]
;
) [ ]
o oo =
IFRIT DTG g
= i [ _
TFE B Bo E@ DB oy
M ur ~ i IF &F e o I
[ LY
<33 6> 2019-05-20(72h “EE=" TFIDF & &4
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bt
1w | N
(M| 2
o |0
°
fru
o
)

e "=
A o e RI=A
"= @ o ot
e |« > o T3
1 e e ZUEE
N @ o 9H
Qi @ e O
oY e e SIEIT
AA o o &2
Ar e ® T

rJL1E
o (o |0
o (o |0
O | | o
|l e
o || 2

<38 7> 2019-05-20(72d7h) “EH=" TF
TF-IDF H[1d

A, Sla, el A, R, A,
& 771e] 5O ekt Hlo]
Elsk 97 4@ dolel 600017) 72 Z1AlA
49 NS ekt 719= ¥ 4 gk 7]
e, “ZOlE, “WhEAl, “ujolgl, «2plE
Er, QAR “olgh, “QIENRY, “QRr, “go)

E’Hn IIET‘ Ol
i hl ’

ulen u&])\];y

u-é— }j:_o]"’

w7 Ees

TF-IDF 7RellA et 574 719 =itk TF7]
e 2l e OuRe] dolE o]83sly
T F=9 719 =0 AA B4 o gl
o]« “Aldr, “arr, “Z2A]7 Fol
Fol =91l e dol= Ad dloly A
o2 o] Yehd 719z & F 9o
TF-IDF E40llA Agd dojol7|= 3tk
TF-IDF 7|92 “AAL", “HE=A4], “wjolg,
“SIAJED “wolghr, “UEr Ao, “sho)”,
“ghm) o] Aol I|Eo] st

olrell TA Q= o7t TR As R
T Atk F, TF 719 9fn| gle ©old

THE R & F e Aotk 2
AT SAEE 71Ys0 ATe HAs] &
Tt FE2& T o] &3 Aok

|

o F

o

2

A AR dolele] 53T 53], 1
43 dolEle] $=AR FI=Z ol 717}
42 A8 o] A2 A8E SAska Utk
71gell M FEA2E Goo] FAEE olf F
Shp= Solu= tlojE B4 a840] &7
wjRolt}, E3], F43] Zvlel= blolH
e G 4, oA, AEUE TN 2
3 7R digh 53 2o sl g EE b
olEl7} A F7HE FEskAL Utk olgt
u9] Ag é H1E flo]E]
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<Abstract>

A study on Korean language processing using TF-1DF

Lee, Jong-Hwa - Lee, MoonBong - Kim, Jong-Weon

Purpose

One of the reasons for the expansion of information systems in the enterprise is the increased
efficiency of data analysis. In particular, the rapidly increasing data types which are complex and
unstructured such as video, voice, images, and conversations in and out of social networks. The
purpose of this study is the customer needs analysis from customer voices, ie, text data, in the

web environment..

Design/methodology/approach

As previous study results, the word frequency of the sentence is extracted as a word that
interprets the sentence has better affects than frequency analysis. In this study, we applied the
TF-IDF method, which extracts important keywords in real sentences, not the TF method, which
is a word extraction technique that expresses sentences with simple frequency only, in Korean

language research. We visualized the two techniques by cluster analysis and describe the difference.
Findings
TF technique and TF-IDF technique are applied for Korean natural language processing, the
research showed the value from frequency analysis technique to semantic analysis and it is expected

to change the technique by Korean language processing researcher.

Keyword: Big Data, TF-IDF, Text Mining, Cluster Analysis, KoNLP
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