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Character Level and Word Level English License Plate Recognition Using
Deep-learning Neural Networks
Kim Jinho

{Abstract)

Vehicle license plate recognition system is not generalized in Malaysia due to the loose
character layout rule and the varying number of characters as well as the mixed capital
English characters and italic English words. Because the italic English word is hard to
segmentation, a separate method is required to recognize in Malaysian license plate. In this
paper, we propose a mixed character level and word level English license plate recognition
algorithm using deep learning neural networks. The difference of Gaussian method is used
to segment character and word by generating a black and white image with emphasized
character strokes and separated touching characters. The proposed deep learning neural
networks are implemented on the LPR system at the gate of a building in Kuala-Lumpur for
the collection of database and the evaluation of algorithm performance. The evaluation
results show that the proposed Malaysian English LPR can be used in commercial market
with 98.01% accuracy.

Key Words : License Plate Recognition, Deep—learning Neural Network, Malaysia LPR
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