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Sentiment Prediction using Emotion and Context Information in
Unstructured Documents
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Abstract With the development of the Internet, users share their experiences and opinions. Since related
keywords are used withoOut considering information such as the general emotion or genre of an
unstructured document such as a movie review, the sensitivity accuracy according to the appropriate
emotional situation is impaired. Therefore, we propose a system that predicts emotions based on
information such as the genre to which the unstructured document created by users belongs or overall
emotions. First, representative keyword related to emotion sets such as Joy, Anger, Fear, and Sadness are
extracted from the unstructured document, and the normalized weights of the emotional feature words
and information of the unstructured document are trained in a system that combines CNN and LSTM as
a training set. Finally, by testing the refined words extracted through movie information, morpheme
analyzer and n-gram, emoticons, and emojis, it was shown that the accuracy of emotion prediction using
emotions and F-measure were improved. The proposed prediction system can predict sentiment
appropriately according to the situation by avoiding the error of judging negative due to the use of sad
words in sad movies and scary words in horror movies.
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Fig. 1. Sentimental Analysis Architecture using Emotion
Prediction
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Fig. 2. Example of Movie reviews
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