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Abstract There is a need for a system that provides early warning of presence and type of failure of
automobile wheel bearings through the application of predictive fault analysis technologies. In this
paper, we presented a sensor module mounted on a wheel bearing and a diagnostic system that
collects, stores and analyzes vehicle acceleration information and vibration information from the sensor
module. The developed sensor module and predictive analysis system was tested and evaluated

thorough excitation test equipment and real automotive vehicle to prove the effectiveness.
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Fig. 1. Algorithm Process of Fault Prediction
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3. Scaling
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