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ABSTRACT

In order to accurately extract the necessary text from the web page, the method of specifying the tag and style
attributes where the main contents exist to the web crawler has a problem in that the logic for extracting the main
contents. This method needs to be modified whenever the web page configuration is changed. In order to solve this
problem, the method of extracting the text by analyzing the frequency of appearance of the text proposed in the previous
study had a limitation in that the performance deviation was large depending on the collection channel of the web page.
Therefore, in this paper, we proposed a method of extracting texts with high accuracy from various collection channels
by analyzing not only the frequency of appearance of text but also parent tag paths of text nodes extracted from the
DOM tree of web pages.
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[ Element Node

I <head> ‘ ’ <body> ‘
| [
I <title> ‘ <h1> <p> ’ <table> ‘
| | | |
? DOM G DOM Q Hello <tr>
| Example Lesson World!
(o | [wo ][5

ﬂ Parent Tag Path = html/head/title

e Parent Tag Path = html/body/h1

9 Parent Tag Path = htmlI/body/p

@ Parent Tag Path = htmi/body/table/tr/td
e Parent Tag Path = htmi/body/table/tr/td
@ Parent Tag Path = htmi/body/table/tr/td
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Fig. 1 Parent tag paths for 6 text nodes
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Fig. 2 Change in the number of PTP according to the
number of web samples (Twitter, Instagram)
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Table. 1 Dataset per collection channels

Channel Web Total Train Test
pages text node | textnode | textnode
Naver Blog | 5,233 1,380,526 | 1,104,421 276,105
Joongang |31 | 967,197 | 773757 | 193440
Tlbo
Tweeter 3,313 277,194 221,756 55,438
Instagram 8,664 406,702 325,362 81,340

Table. 2 F-measure confusion matrix

Actual Class
Contents Non Contents
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Table. 3 Performance comparison

Recall Precision F1-Score
Channel Method %) %) %)
PTP 100.0 779 87.5
L0 TAF 82.9 711 76.6
Blog
PTP+TAF | 99.7 98.8 99.2
PTP 100.0 50.7 673
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