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ABSTRACT

The higher the resolution of the image, the higher the satisfaction of the viewers of the image, and the super-resolution
imaging has a considerable increase in research value among the fields of computer vision and image processing. In this
study, the main features of low-resolution image LR are extracted mainly using deep learning super-resolution models. It
learns and reconstructs the extracted features, and focuses on reconstruction-based algorithms that generate high-resolution
image HR. In this paper, we investigate SRCNN and VDSR in a super-resolution algorithm model based on
reconstruction. The structure and algorithm process of the SRCNN and VDSR model are briefly introduced, and the
multi-channel and special form are also examined in the improved performance evaluation function, and understand the
performance of each algorithm through experiments. In the experiment, an experiment was performed to compare the
results of the SRCNN and VDSR models with the peak signal-to-noise ratio and image structure similarity, so that the
results can be easily judged.
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Fig. 2 VDSR Model Structure
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Table. 1 Details of experimental data set of image
super-resolution

Avg. Avg. Category

LBELEES St Resolution| Pixels bt Keywords
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Urban, etc.
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Table. 2 Results of PSNR and SSIM values with different
models
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