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TTS(text-to-speech) A|~El> BEIAEE A
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analyzer, (2) Acoustic model, (3) Neural vocoder

o) AZMA mElE PR

Linguistic Acousfic

Features - Features
Input - Text Acoustic Neural —_ Speech
Text Analyzer Model Vocoder Wavefom

(J2! 5) HDTS AJAE] 742

3.2.1 HIAE M|

HAE FA7|(text analyzer)= Ao 2] 7]

g
S olgsl Y HiEE RS, g4

2) UTS: unit-selection TTS
HDTS: high-quality DNN TTS
NES: natural end-to-end speech synthesis
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(phoneme) X, %
o] ¢17](break) BHE} 2 Aoj2 54
= 54 WE(linguistic feature) & F45te Ed
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CLOVAS®] &4 34
L2 A]2=ElQl G2P (graphene-to-phoneme)S 9|3
A7 7]9ke] NN-KoG2P A28l [13] & 7ies}
%L, °]E HDTS AlZ=glol] A-8ato] 54 574
3 719 G2P Al Tiv] 15% 7}

JZ(tone) FH, & AR, &

B2 text analyzer®] %

Wl el 71 B g)7]

% ] 4
F4 Az el 9710 @ol 97 A
o

3.2.2 Acoustic model

Acoustic model-> 18 63} #o] ok Aol A
F4% linguistic feature = HE 22 (voice
4] Eykol(pitch), /7 HE
(voicing information), &7 °ll\1*|(energy) 5=
Edsle 2% 54 "M (acoustic feature) S 5

A= A|2Ho|t).

color),

HDTS A]2:#19] acoustic model < Tacotron2
[23] ©] =l 7]¥kslar @itk Tacotron¥} 72
el attention) HIAUSE  7|¥Fe]  acoustic
model & 7FE# o2 WA= o]’ ofe]Z <l

3 Alzglo] Ebsix= EAE AL A [16].
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3.2.3 Neural vocoding

Neural vocoding THACIA= A FA =
acoustic feature & S/3¢] 9% A= HIA|A
= Aol FPHT

HDTS Al2dlelld= 54§ B8 A4
ZF (real-time) AY/d¥} H-AAZF Ao R S
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o= 83 54 Ay 7RQl
(source-filter) ©]&S WaveNet ° 2§
LP-WaveNet 250 [10]E5 7Hd38lda, 4
o7 7]¥ WaveNet B30 tjH] A2 +
34% FeA1A F ASlk

(e}
Z o= AiCall ¥} 22 Al for Contact Center
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