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Implementation of Autonomous IoT Integrated Development
Environment based on AI Component Abstract Model
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Abstract Recently, there is a demand for efficient program development of an [oT application support
frameworks considering heterogeneous hardware characteristics. In addition, the scope of hardware
support is expanding with the development of neuromorphic architecture that mimics the human brain
to learn on their own and enables autonomous computing. However, most existing IoT IDE(Integrated
Development Environment), it is difficult to support Al(Artificial Intelligence) or to support services
combined with various hardware such as neuromorphic architectures. In this paper, we design an Al
component abstract model that supports the second-generation ANN(Artificial Neural Network) and the
third-generation SNN(Spiking Neural Network), and implemented an autonomous loT IDE based on the
proposed model. IoT developers can automatically create Al components through the proposed
technique without knowledge of Al and SNN. The proposed technique is flexible in code conversion
according to runtime, so development productivity is high. Through experimentation of the proposed
method, it was confirmed that the conversion delay time due to the VCL(Virtual Component Layer) may
occur, but the difference is not significant.
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