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ABSTRACT

Image compression plays an important role in encoding and improving various forms of images in the digital era.

Recent researches have focused on the principle of deep learning as one of the most exciting machine learning

methods to show that it is good scheme to analyze, classify and compress images. Various neural networks are able to

adapt for image compressions, such as deep neural networks, artificial neural networks, recurrent neural networks and

convolution neural networks. In this review paper, we discussed how to apply the rule of deep learning to obtain

better image compression with high accuracy, low loss-ness and high visibility of the image. For those results in

performance, deep learning methods are required on justified manner with distinct analysis.
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Fig. 1. Image Compression Model.
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Table 1. Summary of Literature Survey

Ref. No. Proposed Methods Results Dataset PSNR SSIM
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