ISSN 1229-1889(Print)
ISSN 2287-9005(Online)

J Korean Soc Qual Manag \ol. 50, No.1: 77-89, March 2022
https://dx.doi.org/10.746 9/JKSQM.2022.50.1.77

SAE0}0|T SRkl

k=4
e —
=Hi SH
B2 =

0|t FZAL HAILIZS]
Al

o

O A]* =SEE O wxxt
A . o] %3] - A

“ROjsta- A AGuet 87 ek w4
gEdsta-Aqg A9uet Aget oA

T EEgta-A e Y st g

Bl
&

Group-wise Keyword Extraction of the External Audit using
Text Mining and Association Rules

Seong, Yoonseok” * Lee, Donghee™ - Jung, Uk™'

“Ph.D. student, Dept. of Accounting, School of Business, Dongguk University—Seoul
“ Undergraduate student, Dept. of Management, School of Business, Dongguk University—Seoul
“* Professor, Dept. of Management, School of Business, Dongguk University—Seoul

ABSTRACT

Purpose: In order to improve the audit quality of a company, an in—depth analysis is required to categorize
the audit report in the form of a text document containing the details of the external audit. This study introduces
a systematic methodology to extract keywords for each group that determines the differences between groups
such as 'audit plan' and 'interim audit' using audit reports collected in the form of text documents.
Methods: The first step of the proposed methodology is to preprocess the document through text mining.
In the second step, the documents are classified into groups using machine learning techniques and based
on this, important vocabularies that have a dominant influence on the performance of classification are
extracted. In the third step, the association rules for each group's documents are found. In the last step,
the final keywords for each group representing the characteristics of each group are extracted by comparing
the important vocabulary for classification with the important vocabulary representing the association rules
of each group.

Results: This study quantitatively calculates the importance value of the vocabulary used in the audit report
based on machine learning rather than the qualitative research method such as the existing literature search,
expert evaluation, and Delphi technique. From the case study of this study, it was found that the extracted

keywords describe the characteristics of each group well.
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Conclusion: This study is meaningful in that it has laid the foundation for quantitatively conducting follow-up

studies related to key vocabulary in each stage of auditing.

Key Words: External Audit, Text Classification, Variable Importance, Association Rules, Group-wise
Keywords
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Figure 2. Classification accuracy comparison
(K=Komoran; S=Soynlp; D=DTM; T=TFIDF; R=RF; N=Naive Bayes)
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Word importance

Figure 3. Top 20 important words for document classification
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Table 4. Association rules for common words
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