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Renewable energy trends and relationship structure by SNS big data analysis

Jong-Min Kim"

ABSTRACT

This study is to analyze trends and relational structures in the energy sector related to renewable energy. For this rea
son, in this study, we focused on big data including SNS data. SNS utilizes the Instagram platform to collect renewable
energy hash tags and use them as a word embedding method for big data analysis and social network analysis, and base
d on the results derived from this research, it will be used for the development of the renewable energy industry. It is ex

pected that it can be utilized.
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import requests

from bs4 import BeautifulSoup

from selenium import webdriver as wd

from selenium.webdriver.common.by import By

from selenium.webdriver.support.ui import WebDriverWait
from selenium.webdriver.support import expected_conditions as EC
import time

import re

import pandas as pd

import numpy as np

# S| A el Ao
keyword = "] Aol A"

# A AR Al
username = '$12~EHD’
userpw = Q1 Z~EFP/W’
time.sleep(3)

# A Bl url gk
url = "https://www.instagram.com/explore/tags/{}/” format(keyword)

S (FH

# Ak A%

test = pd.DataFrame.from_dict(insta_dict)
time.sleep(20)4 57}

newtag = pd.DataFrame(# 7}

tag = test[’hashtag’'}# 57}

test = test.drop(columns=["hashtag’], axis=1)# 57}

for k in range(0,mtag)# 37}
newtag[str(k)]=tag.str.split(",").str{k# =7}

newdata = pd.concat([testnewtaglaxis=1)# F7}
newdata.to_csv(’C\\imtest\\crawling** word2vec.csv’ ,encoding="utf-8-sig’}# 7}

# Agceteln 5
driver.close()

dole 32 dxe oA AP el &
HAy SAEIES A5 FEIY, (NAHD HR
csvEEE AEo] Au F3H dolH e
= <E 5>9 7k

none id date hashtag
20211 #E A Q) F e A bl #A =Y
o | FELEHHIACOVIDIOFS A %
. EAE A e R e
0 | ktvkr %0888 204 VI 2] ol A #0734
0 ’ FaAFN N FRTV
B
=}
2021-0
7-27
1 dragon | 0010 #m A A
— | 04000
0
2020-1
Govee | 1713 | #@EE A #849 4KEN
2 lﬁve 00:00:0 | PaalAl oA #ABSOCHS
1 0+00:0 2737
0
e
42 439 =&
Word2vecd] Skip-gram 29L& =3 ZH /‘3 OﬂLﬂ
A #E Fo AP E EEsgon, Al

AREE el E 9] gk vector_size=150, alpha:
0.025, window=2, min_count=50, sg=1 & A3

sl w4 AW

<& 6> Word2vec %] Code

import pandas , nltk
from gensim.models import Word2Vec
from nltk.tokenize import RegexpTokenizer

filename = ('C:\ijmtest‘‘crawling\\word2vec.csv’)
df = pandas.read_csv(filename, sep=',")

def nltk_tokenizer(_wd):
return RegexpTokenizer(r"\w+').tokenize(_wd.lower())

df["Token_hashtag'] = df["hashtag’].apply (nltk_tokenizer)
df.head()

common_texts = df['Token_hashtag’].tolist()

model = Word2Vec(
common_texts,
vector_size=150,
alpha=0.025,
window=2,
min_count=50,
sg=1)

model.train(common_texts, total_examples=len(common_texts), epochs=10)
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