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ABSTRACT

Modern people can access various information about food recipes very easily on the Internet or social media. As the
supply of food recipes increases, it is difficult to find a suitable recipe for each user in the overflowing information. As
such, the need to provide information by reflecting users' requirements has increased, and research related to food recipes
and cooking recommendations is becoming active. In addition, the Internet, video, and application markets using this are
also rapidly activating. In this study, in order to classify recipes from the user’s perspective of food recipe users, the
user's review data was applied with the k-mean clustering technique, which is unsupervised learning, and a "food recipe
classification model" was derived. As a result, it was classified into a total of 25 clusters including information needed
by many users, such as specific purposes and cooking stages.
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2.2.1. TF-IDF(Term Frequency - Inverse Document
Frequency) [7]

TF-IDF(Term Frequency-Inverse Document Frequency)
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Table. 1 Recipe Data

raw-data list description

name recipe name
id recipe unique id
minutes cooking time

contributor_id contributor unique id

submitted submitted date
tags recipe tag
nutrition nutrition name
n_steps Number of cooking steps
steps cooking steps
description recipe detail desctiption
ingredients ingredients

n_ingredients Number of ingredients
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Fig. 1 Tag Content Frequencies(Top 10)

pork chop

peanut: butter

Fig. 2 Word Cloud of the Entire Tag Data
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Fig. 3 Determine the number of clusters
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Table. 2 25 Clusters based on Tag Data

Cluster number Category name
Cluster 8 free
Cluster 9 sauce

Cluster 10 make
Cluster 11 pie
Cluster 12 american
Cluster 13 high
Cluster 14 side
Cluster 15 dish
Cluster 16 salad
Cluster 17 beef
Cluster 18 egg
Cluster 19 healthy
Cluster 20 chicken
Cluster 21 fish
Cluster 22 cooky
Cluster 23 beverage
Cluster 24 dessert

Cluster number Category name
Cluster 0 soup
Cluster 1 pasta
Cluster 2 occasion
Cluster 3 large
Cluster 4 fat
Cluster 5 appetizer
Cluster 6 pork
Cluster 7 bread
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Fig. 4 Word Cloud of Cluster 0
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Fig. 5 Word Cloud of Cluster 22
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