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A Study on the Patent Trend of 'Smart Farm’ in Domestic
through Network Analysis
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Abstract Smart farms are receiving a lot of attention as a way to solve the chronic labor
shortage and aging problems in agriculture. The smart farm industry, called the 6th industrial
revolution, needs to strengthen its competitiveness. In order to apply innovative IT technology
to agriculture, it is important to collect and analyze information about prior research or
patents. This paper examines smart farm patent trends through 5,789 patent data related to
smart farm using the domestic patent information search service(KIPRIS). This paper examines
the domestic patent trends of smart farm information through keyword network, ego network,
simultaneous appearance network, and bigram network analysis. As a result of network analysis
related to smart farm patents, patents related to smart farm systems and control technologies
were the most common. This paper can provide help in setting the direction of future smart
farm-related patent research.
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Fig. 2. Word Cloud of Keywords

3.2 SolH0IH 7|¥= HER/S &4

3.2.1 Mg LE ZMN 24

AR s 7 A9 ojust A4S X
Aok A Lokws] Sal, AF F44, 24
FU4, W B4, 19 WY SH4e 29519
o 7 2R 49 2079 A9 B
oF|, 1 ghe thao] X 29} g,

H 2 7|9C HEYT =AM
Table 2. Keyword network centrality

Close
Ki Ki
Rank ey Degre§ Rank ey ness
word Centrality word Centrality
1 Uy 7 2% 1
o
) - - po 1
MH|A 5 g 1
4 4 . 1
SO HE
5 o
e 3 P 1
AR 3 A 1
H|0JE 3 8 018 05
7 71D 3 AAH 0.2
9 X
sS4l 3 Sy 02

Key Between Ke Eigen

Rank ness Rank vector
word Centralit word Centrality

1 oaxg 10981 am g

2 e 44,783 2 018 0.705

3 018 44.616 3 A 0.604

4 #Ey 10 4 S9F 0873

5 X 2.45 5 | 0.511

6 718t 1.633 6 7|t 0.469

7 =1 o 7 MHA 0383

g 0 8 ol 0362

MH|A 0 &2 0.335

10 AOIE 0 10 ZARH 0.292

duit B2 ol ==F AL %)
A Uels 92 4480l 7H &2 719Es
HE()Z YERger, tgog ‘T2 (5), ‘A
HIA(5), 7HF(4) €07 A vepdth B4
Cof| b kEE0] vt 2] Yl 24
AL GO, A, & Q). F=1)el
A Jebdtt 3 Tt oE L eEdo] d3a%
S TS5k Ao A =82 A UEdE
UH7H FH8E AARN(105.616)°] 7MY =4 YE
won WH(44.783), ‘0|8 (44.616) £°0F Lt}
Wt 54 k=9 dFd" kU F33XE YE
U= 118 'WEg AL AL ()] 7 =4
Ueptor, '0l8°(0.705), WH(0.604), ‘AHIE
T(0.573)&0= =A versth

i‘l

N

fjo bt}r

322 01 HEYI 24

3221 NARY 01 HEXI 24

AL AUtE R EsflolE o] 7=
30702t AR BAS P ik (& 3 ) 1
FolA W] WeTt 4722 7B A Vb
o ohEoRe 0l8(343), 7IRF(291) S w2
HIES el & AE 3 #¥ SsjdolEd
A AL I HRE ESlEe F2 e A6t
Fom, olgF 7|ik 5 RIS olgshal w7t
£ 7litoR slo] 5318 EUshe Aol F2 ofF



mes =21 MENER
w X 7 e
.BE’;\;\ \ // 4 g w2
BT / i
@5 L / e /.

\\
% v
o L&
- /
Beax y ™
/ s %

@oios

O3 3. AAH ol HESR=Z
Fig. 3. ‘System’ ego network
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