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Classification Tree-Based Feature-Selective Clustering Analysis:
Case of Credit Card Customer Segmentation

Yoon Hanseong

<Abstract)

Clustering analysis is used in various fields including customer segmentation and
clustering methods such as k-means are actively applied in the credit card customer
segmentation. In this paper, we summarized the input features selection method of k-means
clustering for the case of the credit card customer segmentation problem, and evaluated its
feasibility through the analysis results. By using the label values of k-means clustering results
as target features of a decision tree classification, we composed a method for prioritizing
input features using the information gain of the branch. It is not easy to determine
effectiveness with the clustering effectiveness index, but in the case of the CH index, cluster
effectiveness is improved evidently in the method presented in this paper compared to the
case of randomly determining priorities. The suggested method can be used for effectiveness
of actively used clustering analysis including k-means method.

Key Words : k—Means, Decision Tree Classification, Input Feature Selection, Customer
Segmentation
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