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Sentiment analysis is a method used to comprehend feelings, opinions, and attitudes in text, and it is essential for evaluating
consumer feedback and social media posts. However, creating sentiment dictionaries, which are necessary for this analysis, is
complex and time-consuming because people express their emotions differently depending on the context and domain. In this
study, we propose a new method for simplifying this procedure. We utilize syntax analysis of the Korean language to identify
and extract sentiment words based on the Reason-Sentiment Pattern, which distinguishes between words expressing feelings and
words explaining why those feelings are expressed, making it applicable in various contexts and domains. We also define sentiment
words as those with clear polarity, even when used independently and exclude words whose polarity varies with context and
domain. This approach enables the extraction of explicit sentiment expressions, enhancing the accuracy of sentiment analysis
at the attribute level. Our methodology, validated using Korean cosmetics review datasets from Korean online shopping malls,
demonstrates how a sentiment dictionary focused solely on clear polarity words can provide valuable insights for product planners.
Understanding the polarity and reasons behind specific attributes enables improvement of product weaknesses and emphasis on
strengths. This approach not only reduces dependency on extensive sentiment dictionaries but also offers high accuracy and applic-
ability across various domains.
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<Figure 1> Example of Dependency Parsing
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{Table 3> Frequency of Tags in 52,955 Unit Sentences

dp_tag |frequency| % dp_tag |frequency| %
VP 101,105 | 42.08 NP _CNJ 690 0.29
AP 34,822 14.49 VP _CMP 614 0.26
NP _SBJ 22,639 942 | VNP_MOD 438 0.18
NP_AJT 20,422 8.50 | VNP_CMP 191 0.08
NP 13,712 5.71 P 161 0.07
VNP 11,929 4.96 X AJT 48 0.02
VP_MOD 11,738 4.88 AP _MOD 33 0.01
NP OBJ 10,382 432 X 30 0.01
VP _AJT 3,094 1.29 VNP_OBIJ 30 0.01
VP _SBJ 2,820 1.17 VP_CNJ 28 0.01
dp 2,358 0.98 VNP _SBJ 26 0.01

VP _OBJ 1,137 0.47 VNP_AJT 16 0.01
NP _CMP 1,082 0.45 X SBJ 16 0.01
NP _MOD 722 0.30 X OBJ 8 0.00

<Table 4> Word-pair Extraction Results by Pattern

Pattern Word-Pair
&ElaFola, EEFA-Zol2
VP-VP Wolx-Fol e, RA-THEF T
A= HA—‘—-ﬂﬂ_{%o}ﬁ_
AP-VP g al-gopxlel e, Akl
- EREER e RN EE EET
NB_SUBJ-VP VREE 5 A 5L, §Fol-gol

EU T, Bugahy, BuEEaA

<Table 5> Sentiment Dictionary (Predicted)

<Table 6> Sentiment Dictionary (Actual)

Sentiment words| Polarity | Sentiment words | Polarity
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5% ¥ ol4ith 5%

55} 3% et} %4
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