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Abstract Accidents at construction sites have a very high rate of fatalities due to the nature of being prone to
severe injury patients. In order to reduce the mortality rate of severely injury patients, quick response is
required, and some systems that detect accidents using Al technology and cameras have been devised to respond
quickly to accidents. However, since existing accident detection systems use only a single camera, there are
blind spots, Thus, they cannot detect all accidents at a construction site. Therefore, in this paper, we present the
system that minimizes the detection blind spot by using multiple cameras. Our implemented system extracts
feature points from the images of multiple cameras with the YOLO-pose library, and inputs the extracted feature
points to a Long Short Term Memory-based recurrent neural network in order to detect accidents. In our
experimental result, we confirme that the proposed system shows high accuracy while minimizing detection blind
spots by using multiple cameras.
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Figure 2. Long Short Term Memory (LSTM) structure
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Table 1. Artificial Neural Network Hyperparameters
Parameter Value
epoch 1000
input_size 34
seq_length 15
hidden_size 510
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